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Abstract
Job mobility is inherently risky as workers have limited ex ante information about many dimensions of
outside jobs. Heterogeneity in risk preferences may therefore be an important determinant of turnover.
This study examines theoretically and empirically the relation between risk aversion and job mobility.
We elicit risk preferences using controlled (incentivized) experiments with field subjects from the LISS, a
representative Dutch longitudinal survey. Because the data includes detailed information on labor market
behavior, the data allows us to examine the relation between experimentally measured risk preferences and
actual job mobility. The findings show that risk averse workers are less likely to move to other jobs. In line
with the theoretical predictions, the negative relation between risk aversion and mobility is larger if the
worker holds a permanent contract, is in a good job match and when labor market conditions are worse.
These results are generally confirmed using non-experimental indicators of risk aversion. However, the
findings on on-the-job search behavior are more ambiguous. Risk averse temporary workers search less
intensively, whereas risk averse workers in stable positions search more actively for other jobs. Overall,
the evidence indicates that the negative relation between risk aversion and job mobility is driven by the job
acceptance decision rather than the search effort decision.
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1. Introduction
Individuals face many risky decisions during their working life. Some of these decisions are riskier
than others and some individuals are more risk averse than others (Diamond and Stiglitz, 1974). This study
focuses on the role of risk aversion in the decision to move from one job to another. The central premise is
that moving is generally more risky than staying and that therefore risk averse workers are reluctant to quit
their job and accept another one. Job mobility is risky as it potentially involves substantial changes relative
to the status quo. On the one hand, the worker may improve his labour market position by searching for
and accepting a new job: the empirical literature shows that job mobility is an important source of wage
growth (Topel and Ward, 1992). On the other hand, because the worker has limited information about
many aspects of the new job (i.e. in the words of Nelson (1970), jobs are experience goods), after accepting
the offer he may realize that he ended up in a poor match. As some rungs may be slippery, climbing up the
career ladder involves the risk of falling down.
The two main models in economics to analyze turnover are based on the notion of imperfect information and introduce uncertainty in the labour market. First, (on-the-job) search models assume that there is
uncertainty about whether you will find a (better) job (Burdett, 1978; Mortensen, 1986). In search models
jobs are pure search goods, so there is no ex ante uncertainty about the quality of the new job - workers
simply accept a new wage offer if it is higher than the current wage. In these models, search is a risky decision with certain costs and uncertain rewards. Second, matching models assume that jobs are experience
goods: in the extreme case, the jobs are pure experience goods and the worker has no information about
the quality of the job (Jovanovic, 1979). Given this uncertainty, accepting a new job is inherently risky.
Since uncertainty plays a central role in the canonical models for the analysis of turnover, it is surprising
that the role of risk aversion in turnover decisions has been ignored in the labour economics literature.1
The theoretical models assume that individuals are risk neutral, and hence there is no heterogeneity in risk
preferences. Given that mobility decisions are risky, we argue that interpersonal variation in risk aversion
may provide an important explanation for differences in mobility patterns. Existing studies on the role
of risk aversion in the labour market focus on pre-entry sorting effects (self-selection) of risk aversion
through educational and occupational choice (Bonin et al., 2007). Furthermore, several studies examined
the relation between risk preferences and the exit rate out of unemployment (although empirical tests are
scarce: see ...ref). More related to this study, Shaw (1996) examines the relation between risk aversion
and income, and argues that risk aversion is inversely related to training (and thereby to wage growth).
However, she does not examine the underlying mechanism, but rather studies the relation between risk
aversion and income growth (relying on noisy proxies for risk aversion). Here we analyze the relation
between risk aversion and job mobility and thereby study a mechanism through which risk preferences
affect wage growth.
The study derives several new theoretical predictions on the relation between risk preferences and job
mobility. In addition to the main effect on mobility, the relation may be more pronounced under certain
1 The

idea that job mobility is a risky decision is mentioned casually in several economic studies but never examined explicitly. For
instance, Tom et al. (2007) state: “Many decisions, such as ... to accept a new job, involve the possibility of gaining or losing relative
to the status quo. When faced with such decisions, most people are markedly risk averse.”. Outside the field of economics, the
study of Allen et al. (2007) discusses the role of risk attitudes and derives several propositions drawing (mainly) on the psychological
literature. However, the study does not test these propositions empirically.
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circumstances: if the worker holds a permanent contract, is in a good job match and when the labour
market conditions are worse, turnover may be especially risky. We therefore expect a stronger relation
between risk aversion and turnover under these conditions. We test these predictions empirically using
the LISS, a recent longitudinal panel from the Netherlands. In addition to information on labour market
behaviour and a wide range of background characteristics, the data contains measures of risk preferences.
Risk preferences are elicited through (incentivized) lab experiments that are taken to the field. This unique
dataset thus provides an opportunity to analyze the relation between risk aversion and labour market
behaviour, using data from the field (rather than from student subject pools).
The study provides new insights on the determinants of turnover. Turnover is a relevant economic
issue, as it affects individuals’ careers (and thereby their wage income) (Topel and Ward, 1992; Blau and
DeVaro, 2007), is related to firm productivity (Ilmakunnas* et al., 2005; Siebert and Zubanov, 2009), the
functioning of the labour market (allocative efficiency) (Jovanovic, 1979; Jackson, 2013; Mortensen, 2011).
The paper demonstrates that heterogeneity in preferences are important, and that (policy) evaluations assuming risk neutrality or a single risk aversion parameter (representative agent models) may produce
misleading results. Furthermore, the results may provide a new explanation for the observed income distribution. More specifically, the findings may explain a part of the gender wage gap (studies generally find
that women tend to more risk averse than men, see Borghans et al. (2009).
The paper is structured as follows. The next section discusses the theoretical mechanisms through
which risk aversion affects job mobility. Several hypotheses are presented. Next, the data is discussed
(experiment in LISS) and the empirical results are presented. The final section concludes.
2. Theoretical framework
On-the-job search and job matching models - the benchmark theoretical models of turnover - are based
on imperfect information. In the first type of models, workers search for other jobs and when an offer is
located they accept it if the value of the alternative job is higher than the value of the current job. On-thejob search models assume that workers have perfect information about all aspects of the offered job and
therefore there is no ex ante uncertainty about the value of a located job. In contrast, matching models
are based on the presumption that workers have no (limited) ex ante information about the job. The new
worker learns about the quality of the job match while on the job. As pointed out by Jovanovic (1979:
p.973), the fundamental difference between these models is that in search models jobs are pure search goods
and job mobility is due to the arrival of new information about alternative job opportunities, whereas in
matching models jobs are pure experience goods and turnover is the result of obtaining new (negative)
information about the current job. Here we present the models in a rather stylized form, but they illustrate
how heterogeneity in risk aversion may explain variation in job mobility. Existing studies using search and
matching models generally assume risk neutrality or homogeneity: this paper examines to what extent
heterogeneity in risk aversion can explain job mobility and therefore derives theoretical predictions on the
relation between risk aversion and job mobility.
As many uncertainties about a job involve the non-pecuniary characteristics, in the models we discuss
the job is not simplified to a single wage (which is common in many labour economics models and in
almost all search models), but the job match has a particular value in terms of utility. The value of the
match contains all aspects of the job that generate (dis)utility for holding the job, such as income, working
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hours, commuting time and satisfaction. In the on-the-job search model workers choose the level of search
effort s ∈ [0, 1] to maximize expected lifetime utility V:
rV (y0 ) = u(y0 ) − c(s) + q [V (u) − V (y0 )] + E{sλ

Z ȳ
y0

[V (y1 ) − V (y0 )] dF (y)}

(1)

where r represents the discount rate, V (y0 ) (u(y0 )) denotes the lifetime (instantaneous) value obtained
from the current job match y0 and c(s) presents the search costs, which are a monotonically increasing
convex function of search effort s. Search costs may be monetary (for instance, related to traveling), but
it is likely that the lion’s share of the search costs have a non-pecuniary nature: looking for job openings,
writing application letters and attending interviews are time and effort consuming activities. If the worker
searches he receives expected benefits E{.}, which depend on the job offer arrival rate sλ, where λ ∈ [0, 1]
is an exogenous job market parameter. Job offers (matches) are drawn from the cumulative distribution
function F (y). Since the job seeker has perfect information about the job once he has received the offer,
the worker accepts the offer if the quality of the alternative match is higher than the quality of the current
match (y1 > y0 ).
In contrast to not searching - which leads to no changes with respect to the status quo - the gains from
search are uncertain. The payoffs for searching depends on whether or not the worker finds a better job.
Job search is successful with probability sλ[1 − F (y0 )], leading to a payoff equal to V (y1 ) − V (y0 ) − c(s).
With probability 1 − sλ[1 − F (y0 )], search is unsuccessful and leads to costs c(s). Job search is therefore
a risky investment with certain costs and uncertain rewards. Optimal job search effort is determined by
setting the marginal costs of search equal to the expected marginal benefits of search:
0

c (s) = E{λ
Which can be formulated as:
c0 (s) = λ

Z ȳ

Z ȳ
y0

[V (y1 ) − V (y0 )] dF (y)}

(2)

[V (y1 ) − V (y0 )] dF (y) − p

(3)

y0

where p is the risk premium, which is positively associated with risk aversion. Because the gains of search
are uncertain, risk aversion decreases the value of the marginal benefits of search. Ceteris paribus, risk
aversion decreases the optimal marginal costs of search and therefore the level of on-the-job search intensity
(given the convexity of c(s)). Consequently, the turnover probability, sλ[1 − F (y0 )], declines with p.
The assumption that the job seeker has perfect certainty about (all aspects of) the job is rather strict.
Borjas and Goldberg (1978) already pointed out this limitation and stressed that it is unlikely that the
individual has no uncertainty about all aspects of the job: "it is likely that uncertainty both before and after
search about firms and workers and the on-the-job learning process which reduces this uncertainty is an
important characteristic of the labor market" (Borjas and Goldberg, 1978).
In job matching models risk aversion affects job mobility through the job acceptance rather than the job
arrival decision. Assuming that jobs are pure experience goods, the worker has no prior information about
alternative jobs. The model presented here follows the central premise of the model of Jovanovic (1979): the
individual has more information about the current job than outside job opportunities and new information
arrives while on the job. To capture this idea of ex ante uncertainty about match quality, we assume that
4

each period the worker receives an alternative offer and that the quality of the new job match is perceived
with a noisy signal ŷ1 . For simplicity, we assume that the worker has perfect information about the current
job match and that the real value of the job is immediately observed when the job is accepted. The value of
the alternative job is given by:
(
V (ŷ1 ) =

V ( y1 )

with probability

V (y)

with probability

[1 − ε ]
ε

(4)

where V (y) is the value of job with match quality y, where y is redrawn from the distribution F (y), which
has an lower and upper bound y ∈ [y, ȳ]. The match may turn out to be better or worse than expected with
probability ε. The worker accepts the offer in case it is higher than the reservation job quality y∗ , which is
defined by:
EV (yˆ∗ ) ≥ V (y0 )

(5)

ŷ∗ − p ≥ y0

(6)

Or alternatively:

Equation (6) shows that the worker’s reservation match quality increases with the risk premium p and
hence with risk aversion. Because the worker has limited ex ante information about the quality of a new
job, job mobility is inherently risky.
Risk averse workers are less likely to quit and leave for another job, as they invest less in job search
activities and have a higher reservation match quality level. This leads to the following hypothesis:
Hypothesis 1 More risk averse workers have lower turnover rates
Search and matching models lead to the same predictions about the relation between risk aversion and
turnover. According to search models, risk aversion affects turnover through the search effort decision.
However, if search costs are quantitatively small, the potential losses associated with unsuccessful search
are limited. The riskiness of the search decision may therefore be limited. In contrast, the decision to quit
and accept an outside offer may lead to substantial losses if the new job turns out to be a bad match. We
expect therefore that risk aversion mainly affects job mobility through the job acceptance decision. We will
test empirically whether risk aversion affects job search behavior.
In addition to the main effect of risk aversion, we can derive several testable predictions about the size
of the effect. The risks related to a job change depend on the individual’s current position (Hypothesis
2a-b) and on the opportunities to mitigate the loss due to accepting a bad job (Hypothesis 2c). First, the
potential loss associated with turnover depends on the quality of the current match:


 V ( y1 )
V (ŷ1 ) = V (y H )


V (y L )

[1 − ε ]
with probability ε[1 − F (y0 )]
with probability
ε[ F (y0 )]

with probability

(7)

where V (y H ) ≥ V (y0 ) and V (y L ) < V (y0 ): the redrawn match quality may be higher (y H )or lower (y L )
than the previous match y0 . When the worker is close to the lower bound of the match quality distribution,
separating involves few risks (F (y0 ) is close to zero). Even if the job match turns out worse than expected,
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the worker is likely to improve his position by accepting another position. However, when the current job
match quality is near the upper bound of the match quality distribution (F (y0 ) approaches 1), moving to a
seemingly better job involves the risk of ending up in a poor match ex post. The probability that turnover
leads to a loss increases with the value of y0 . Basically, leaving a good job is more risky than leaving a bad
job.
Hypothesis 2a The size of the negative effect of risk aversion on job mobility increases with the quality of the
current job match
Another testable prediction arises because some jobs may be more flexible than others, i.e. some jobs
have higher lay-off rates. If we introduce (match-specific) layoff rates q, staying also involves some risks,
as the value of the current match is given by:
(
V (ŷ0 ) =

V ( y0 )
V (u)

[1 − q0 ]
with probability
q0

with probability

(8)

where V (u) indicates the utility when the worker is fired and enters unemployment (we assume that
V (y0 ) > V (u)). The value of the alternative match can be described as:


V ( y1 )
V (ŷ1 ) = V (y)


V (u)

[1 − q1 − ε ]
ε
with probability
q1

with probability

with probability

(9)

In general, we may expect that the current match offers more employment protection than the alternative match (q0 < q1 ), as firing costs increase with tenure and workers may have obtained a permanent
contract. Permanent workers may sacrifice their employment protection if they move to another job, so
quitting involves substantial risks. Hence, introducing lay-off rates does not change the prediction formulated in Hypothesis 1. In fact, when employment protection increases with seniority, q0 < q1 and the
riskiness of moving relative to staying will increase. Concerning Hypothesis 2a, if the worker is in a good
match, q0 is likely to be low and accepting another job will imply a significantly higher lay-off risk: this is
consistent with the theoretical prediction.
However, the assumption that staying is less risky than moving may not always hold. The probability
that workers on a temporary contract are retained by their employer is relatively small (compared to permanent workers). Staying in a temporary job may involve more uncertainties than moving. For temporary
workers, the relation between risk aversion and mobility is therefore ambiguous. In general, the relative
riskiness of moving compared to staying decreases with the lay-off rate associated with the current job.
Hypothesis 2b The relation between risk aversion and job mobility is larger for permanent workers than for temporary workers
The previous predictions (2a-b) relate to the current position of the worker: if the current match is poor
or uncertain, the effect of risk aversion is weaker. It’s not risky to leave a sinking ship. A third prediction
is related to the worker’s opportunity to mitigate a potential loss if the new match turns out to be poor.
6

When the worker accepted a ‘lemon’ (V (yl ) in equation 7), he may of course search for and accept another
job. The time it will take to find another offer - and therefore the size of the loss - depends on the economic
conditions. When the vacancy rate is high, alternative job offers are relatively easy to find: this implies
that when a worker ends up in a bad job match, the worker can simply quit and move to another job. So,
in a good economic climate, turnover is less risky because a potential negative outcome can be offset by
accepting another job within a short period of time (implying V (yl ) is relatively high). Even risk averse
individuals may not prefer one bird in the hand if there are plenty in the bush. In a tight labor market, job
mobility is less risky and therefore the relation between risk aversion and mobility is weaker.
Hypothesis 2c The size of the negative relation between risk aversion and job mobility decreases with the tightness of the labor market
A final issue is related to human capital investments. As pointed out by Shaw (1996), risk aversion may
affect human capital decisions (and thereby income growth). She argues that more risk averse workers
invest less in (firm-specific) human capital, because the returns of such investments are uncertain. In case
we allow for turnover in the human capital model, these decisions become interdependent as the worker
sacrifices his firm-specific human capital when he separates. An important question is how this may affect
the theoretical predictions on turnover. On the one hand, following Shaw’s argument, risk seeking workers
invest more in firm-specific human capital and may therefore be reluctant to leave their current job. This
suggests that the relation between risk aversion and turnover is positive rather than negative. On the other
hand, following the search and matching models, risk averse workers are more likely to stay and therefore
have stronger incentives to invest in firm-specific human capital: if they indeed do so, this mechanism reinforces the negative effect on job mobility as larger levels of firm-specific human capital increase incentives
to stay. We therefore argue that the effect of risk aversion through human capital decision is ambiguous.

3. Data and methodology
To test the hypotheses empirically, we make use of the LISS (Longitudinal Internet Studies for the Social
sciences) survey, a representative Dutch panel that includes around 5000 households. All seven currently
available waves between 2008 and 2014 are used in this study. Around 6000 individuals are interviewed
in each wave and the panel is unbalanced in the final sample. LISS contains several studies, including
the ’Work and Schooling’ core study that includes questions on labour market behaviour. The dataset is
matched with information on background variables for the respondents provided by LISS. Furthermore,
because LISS participants receive reimbursement for completing the survey, the payment infrastructure
can be used for conducting incentivized experiments (see below). The analysis is limited to men who hold
a paid job and are between the ages 20 and 65 at the time of the interview.
We elicit risk preferences through an ‘artefactual field experiment’ (Harrison and List, 2004), i.e. by
taking lab experiments to the field. In 2009, 3457 LISS respondents (59.2 percent) participated in an experiment where they had to make 17 binary choices in lottery games. About 40 percent of the subjects (almost
1400) were incentivized through a lottery: one out of ten incentivized subjects was selected as a winner. In
case the subjects were incentivized, it was stressed in the instructions that the subjects could actually earn
7

money (see Appendix). Next, one of the 17 choices was randomly selected and the outcome of the game
was paid to the subject. The potential payoffs were between 10 and 150 euros.2 Here we focus on the five
games that aim to capture risk aversion. In these games, the subjects had to choose between a certain and
a risky option. In all games, the risky option consisted of a 50 percent gain of 5 and a 50 percent gain of 65
euro. The expected value of this option was therefore 35 euro. The certain payoff varied from 20 to 40 euro,
which was presented in a stepwise manner (with steps of e 5) to the subjects on separate screens.3
Table 1: Risk aversion: fraction choosing the safe choices

Game 1
Game 2
Game 3
Game 4
Game 5

Certain payoff

Full sample
(All)

Full sample
(Incentive)

Selection
(All)

Selection
(Incentive)

20
25
30
35
40

49.40
57.67
68.90
78.08
82.68

44.26
54.26
66.10
76.04
81.16

39.08
48.59
63.03
77.11
83.10

28.70
38.26
57.83
73.04
78.70

Notes In all five games, when the risky option is chosen the subject receives either e 5 or e 65
(both outcomes occur with a 50 percent chance)

Table 1 presents the decisions of the subjects. Risk neutral agents opt for the risky option in Game 5,
are indifferent between the certain and risky option in Game 4 (both have an expected value of e 35) and
prefer the risky payoff in Game 1-3. Risk averse individuals opt for the certain payoff in Game 4 and 5
(and maybe in 1-3), whereas a risk seeking individual prefers the risky payoff in Game 1-4. The table (full
sample) shows that in Game 1 about half of the sample and in Game 2 and 3 a majority chooses the certain
payoff, while the payoffs were (considerably) lower than the expected value of the risky option (e 35). In
Game 4,
The expected value of the risky option is equal to the certain payoff in Game 4: a large majority prefers
the certain payoff. The data therefore indicate that most individuals are risk averse. The selected male
workers seem to be more risk seeking than average, opting more frequently for the risky outcome in Game
1-3. A reason could be that men are more risk seeking than women and/or that employed are more risk
seeking than non-employed individuals. Furthermore, when the subjects are incentivized, they seem to
make more risky decisions. Since the assignment to the experimental condition (real or hypothetical payoffs) is random, this suggest that incentives matter when eliciting risk preferences. An explanation for this
finding is that individuals make their decisions more carefully when faced with real consequences.
We construct an aggregate measure of risk aversion by summing up the number of safe choices.4 Figure
1 shows the distribution of this aggregated measure. Risk averse agents would prefer the safe outcome two
times at most (Game 4 and 5). Again, these figures indicate that most individuals are risk averse. There are
2 The strategy of randomly selecting winners is followed in several other large-scale (representative) experiments (Von Gaudecker
et al., 2011; Harrison et al., 2007; Dohmen et al., 2011). Abdellaoui et al. (2011) show that random selection of winners generates
stronger incentives than paying all subjects a small amount.
3 The order of the games was counterbalanced: half of the subjects follow the sequence game 1 - game 5, while the order is reversed
for the other half of the subjects. Also whether the option ’left’ or ’right’ was the certain or risky option was counterbalanced.
4 Alternatively, we can construct the certainty equivalent of the decisions and use this as a measure for risk aversion. However,
this measure can only be generated for individuals who made monotonic decisions, which implies that the number of observations
decreases considerably.
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some differences between the distributions: the selected male workers are more risk seeking, as are subjects
who faced real payoffs. However, the shapes of the distributions are similar: the ranking of the variable
with respect to the frequency is the same in all distributions (except for the ‘0’ outcome which is relatively
popular in the incentivized male worker sample). For the empirical analysis, we use the standardized value
of the number of safe choices to capture heterogeneity in risk aversion. We assume that there is no withinindividual variation in risk aversion over time, and therefore impute the risk aversion variable which was
measured in 2009 in the other four years. This allows us to exploit the available information from the other
waves as well.
Figure 1: Distribution of choices

We measure job mobility using items on the year and month of hiring. Unfortunately, the LISS does
not contain information on the exact date of the termination of the job, so duration of completed spells
cannot be measured accurately. We therefore use the panel structure of the data and the year and month
of hiring information to infer whether the worker moved from one job to another between wave t and
t + 1. Around 6 percent of the workers is mobile between two consecutive waves. Furthermore, we have
no information on the reason why the worker left the employer, so the variable captures both voluntary
and involuntary job turnover (however, the data does contain information that we can use to test whether
involuntary mobility drives the results, see section). We test Hypothesis 1 by estimating the effect of risk
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aversion on the probability to move from one employer to another with a random effects probit model:
0

Pr (m = 1 | Ri , Xit ) = Φ(γRi + Xit + αi )

(10)

where m indicates job mobility, R denotes the individual’s risk aversion and Xit is vector of individual
characteristics that affect job mobility. We use a large number of control variables in the analysis, including
individual characteristics (e.g. age, education, children, whether the worker is a homeowner or not5 ), job
characteristics (e.g. tenure, working hours, type of employment contract, occupation), firm characteristics
(public sector, industry, firm size). To test Hypothesis 2a-c, we estimate but include an interaction term
between risk aversion and the variable of interest:
0

Pr (m = 1 | Ri , Iit , Xit ) = Φ(γRi + η Iit + δIit Ri + Xit + αi )

(11)

where Iit represents the variable that interacts with risk aversion. To test Hypothesis 2a, we exploit data on
job satisfaction to measure the quality of the job match (several other studies have used job satisfaction as a
proxy for job match quality, e.g. Clark (2001); Gielen and Tatsiramos (2012)). Following Ferreira and Taylor
(2011), we construct an aggregate job satisfaction variable using several questions on satisfaction with different aspects of the job. Match quality is captured by the first factor scores resulting from a factor analysis
(estimated by maximum likelihood) on six job satisfaction items (see Appendix for details). Hypothesis 2b
is tested by including an interaction between the type of contract and risk aversion. Finally, we use data
on industry-specific vacancy rates (second quarter of the year), obtained from CBS Statistics Netherlands,
to examine the role of the labour market conditions in the relation between risk aversion and job mobility
(Hypothesis 2c). Although all other estimations control for the wave, the year dummies are excluded in
the model including the vacancy rate: the variable captures within industry variation in the vacancy rate.
4. Results
4.1. Main results
The main findings are presented in table 2 (marginal effects). The base estimations (model (1)) show that
there is a negative and significant relation between risk aversion and the probability to move to another
job. The size of the effect is larger in the sample that only includes workers who faced real incentives in the
lottery experiment. The estimations results are consistent with Hypothesis 1.
Concerning the role of the type of employment contract (model (2)),the findings indicate that the relation between risk aversion and job mobility is fully driven by workers on a permanent contract. Since for
temporary workers staying may be as risky (or even riskier) than moving, risk aversion has no significant
effect on job mobility. Again, the effect is stronger in the incentivized sample. These findings support
Hypothesis 2a.
To test hypothesis 2b, we include job satisfaction as a measure of match quality and interact this variable
with risk aversion. We estimate the model using a continuous job satisfaction variable and a dummy
indicating good or poor matches (using the median job satisfaction score as a cut-off point). Figure 2 shows
5 Controlling for homeownership is important as homeownership is likely to affect the job mobility decision (by creating mobility
costs) and - as buying a home may be considered as an investment - is likely to be affected by the individual’s degree of risk aversion.
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the marginal effects of risk aversion estimated at different levels of the job satisfaction distribution; table
2 (model (3)) presents the results using the match quality dummy. In line with the theoretical predictions,
the marginal effect of risk aversion increases with the quality of the job match. The results using a match
quality dummy show that the relation between risk aversion and mobility is significant for employees
in good matches, but insignificant for mismatched workers. Moving to another job implies quitting the
current one: this decision is not risky when the worker is in a poor match as it’s unlikely that the new
match will turn out to be worse than the current one.
Labour market conditions may affect the riskiness of the turnover decision, because they determine the
worker’s opportunities to mitigate unanticipated losses if the match turns out to be disappointing. The
marginal effects plotted in Figure 2 point out that the effect of risk aversion decreases with the vacancy
rate. The estimation results using a binary variable indicating a good economic climate (which is defined
by the median vacancy rate; model (4)) show that the effect of risk aversion is completely concentrated in
good economic times.
Interestingly, when variation in risk aversion is captured by alternative . In wave 2010, respondents are
asked whether they are willing to take risks or trying to avoid risks (on a 10 point scale, where a higher
score indicates a higher preference for risk). These questions are asked concerning risk taking in general,
and for three specific domains (financial, occupation and leisure). To make the results comparable, we use
standardized values of these questions. The findings using such alternative indicators of risk preferences
generally confirm are central results: more risk averse workers are less mobile. Interestingly, the effect
sizes are in fact quite similar. Whereas the individual’s preference for risk taking in financial matters does
not perform well as a predictor for mobility, the association between job mobility and risk aversion in
occupational choice or leisure activities is relatively large.
4.2. Does job search intensity drive the results?
Theoretically, both the job search and the matching model predict that more risk seeking workers are
more mobile between jobs. However, the underlying mechanisms are fundamentally different. On the one
hand, in the on-the-job search model investing in job search is a risky activity as the individual has no ex
ante information about job offers. Once an offer is located, there is no uncertainty about the value of the
job. On the other hand, the matching model is based on the presumption that individuals have no or only
limited ex ante information about the job - i.e. jobs are experience goods.
Unfortunately, the LISS data does not contain information about acceptance or rejection of job offers.
However, there is information available about job search activities of the respondents. In the previous
literature, job search effort has been measured by the time spent on search activities (Krueger and Mueller,
2010), the number of applications in the past month(s) (van der Klaauw and van Vuuren, 2010), the number
of job search channels (Manning, 2009) and the job search attitude (Bloemen, 2005). Here we use various
indicators: whether the worker searches for a job, whether the worker applied for another job in the past
two months, the number of applications in the past two months and the number of job search channels the
worker has used in the past two months (see Appendix for descriptives of the search variables).
We estimate for each of the four dependent models four models: one without interaction terms and
three with different interaction terms (type of contract, match quality, vacancy rate). We use the same set
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Table 2: Risk aversion and mobility

(1)

(2)

Risk aversion
(average marginal effect)

Complete sample

Incentivized sample

-0.00928**
(0.00458)

-0.0193**
(0.00844)

-0.00855*
(0.00461)

-0.0216**
(0.00865)

-0.0102**
(0.00439)
0.00491
(0.0218)
-0.00830*
(0.00467)

-0.0166**
(0.00832)
-0.0529*
(0.0291)
-0.0186**
(0.00891)

0.00261
(0.00664)
-0.0195***
(0.00637)
-0.00897*
(0.00460)

0.0101
(0.0111)
-0.0429***
(0.0121)
-0.0195**
(0.00844)

-0.0104*
(0.00583)
-0.00751
(0.00668)
2755

-0.0262**
(0.0120)
-0.0134
(0.0106)
1093

Models with interaction effects
Risk aversion
ME of risk aversion at:
Permanent contract
Temporary contract

(3)

Risk aversion
ME of risk aversion at:
Poor match
Good match

(4)

Risk aversion
ME of risk aversion at:
Low vacancy rate
High vacancy rate
Observations

Note: Entries represent marginal effects (clustered standard errors).
***p<0.01, **p<0.05, *p<0.1
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of controls as in the mobility estimations, but present only the results using the incentivized sample: in the
pooled results the signs of the relations are generally the same but in almost all cases the marginal effects
are insignificant.
The results are presented in Table 3. The first row shows the estimation results for the model without
interaction terms. The marginal effect of risk aversion on search intensity is positive in all estimations and
significant in two specifications (column (2) and (3)): risk averse workers are significantly more likely to
apply for other jobs and apply more frequently. If we allow for interaction terms, the average marginal
effect of risk aversion is positive in all and significant in some specifications. The positive effects are more
pronounced if the worker is in a permanent contract or in a good match. The findings show that risk averse
workers in permanent contracts use significantly more job search channels. Overall, the marginal effects
are positive and in a number of specifications significant.
These empirical results are in contrast with the predictions derived from the search model. If job search
is indeed a risky activity, it can be expected that more risk averse workers search more intensively. However, the results point out positive (and in some cases) significant relations. The evidence suggest that
searching may not be perceived as a risky activity by workers - risk averse workers actually invest more in
search activities. An explanation for the insignificant relations could be that the costs of search are certain
and relatively small. Hence, the losses due to unsuccessful search may be small. In contrast, accepting a
new job implies sacrificing the current (certain) position and moving to another (uncertain) position: the
potential losses generated by this decision are both uncertain and substantial. Although this may explain
why the relation between risk preferences and search is insignificant, it does not explain why risk averse
workers search more on-the-job.
An alternative explanation could be that workers use on-the-job search as a strategy to decrease uncertainty about their future labour market position. Workers may search to obtain information about the jobs
or the labour market in general, thereby decreasing the uncertainty involved with the mobility decision.
When jobs are a combination of search and experience goods, searching may reduce the ex ante uncertainty
about a variety of job aspects. Basically, search may not only affect the job offer arrival rate, but may also
decrease the risks related to turnover (i.e. searching decreases ε in equations 7 and 9. Given that risk averse
workers do not search significantly less - but rather more - we argue that the negative relation between risk
aversion and job mobility is fully driven by the negative effect on the job acceptance decision.
5. Conclusion and discussion
This paper examines the relation between risk aversion and job mobility. Workers have little ex ante
information about outside job offers and therefore moving to quitting the current job and moving to a new
one is risky. The decision is especially risky when the worker has a stable, protected position and when
worker is satisfied with the current match. In those cases, the worker risks losing a valuable position while
not knowing whether his new position will be an improvement. In addition, when the economic conditions are worse, the worker may have limited opportunities to mitigate unanticipated losses related to job
mobility. These predictions are tested using evidence from the LISS panel, eliciting risk aversion through
experiments with field subject. The results are consistent with the theoretical predictions. Furthermore,
13

Table 3: Risk aversion and job search effort (complete sample)

(1)

(2)

Risk aversion
(average marginal effect)
Models with interaction effects
Risk aversion
ME of risk aversion at:
Permanent contract
Temporary contract

(3)

Risk aversion
ME of risk aversion at:
Poor match
Good match

(4)

Risk aversion
ME of risk aversion at:
Low vacancy rate
High vacancy rate
Observations

Search
(probit)

Applied
(probit)

# applications
(poisson)

# channels
(poisson)

0.00213
(0.00520)

-0.000635
(0.00365)

-0.0148
(0.0159)

-0.00511
(0.0133)

0.00105
(0.00514)

-0.00180
(0.00362)

-0.0192
(0.0151)

-0.00768
(0.0131)

0.00693
(0.00521)
-0.0560**
(0.0267)
0.00109
(0.00527)

0.00402
(0.00340)
-0.0570**
(0.0243)
-0.000414
(0.00369)

0.00940
(0.0144)
-0.199*
(0.103)
-0.00825
(0.0162)

0.0132
(0.0107)
-0.158*
(0.0888)
-0.00637
(0.0138)

0.000518
(0.00669)
0.00282
(0.00471)
0.00228
(0.00522)

-0.00104
(0.00467)
0.00146
(0.00353)
-0.000375
(0.00367)

-0.00767
(0.0196)
-0.0104
(0.0170)
-0.0137
(0.0158)

-0.0102
(0.0174)
0.00625
(0.0116)
-0.00420
(0.0131)

-0.000120
(0.00581)
0.00578
(0.00841)
3,310

-0.00216
(0.00425)
0.00228
(0.00549)
3,286

-0.0138
(0.0176)
-0.0137
(0.0243)
3,286

-0.0137
(0.0163)
0.0104
(0.0183)
3,312

Note: Entries represent marginal effects (clustered standard errors).
***p<0.01, **p<0.05, *p<0.1
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Table 4: Risk aversion and job search effort (incentivized sample)

(1)

(2)

Risk aversion
(average marginal effect)
Models with interaction effects
Risk aversion
ME of risk aversion at:
Permanent contract
Temporary contract

(3)

Risk aversion
ME of risk aversion at:
Poor match
Good match

(4)

Risk aversion
ME of risk aversion at:
Low vacancy rate
High vacancy rate
Observations

Search
(probit)

Applied
(probit)

# applications
(poisson)

# channels
(poisson)

0.00114
(0.00868)

0.000687
(0.00513)

-0.0170
(0.0209)

0.00585
(0.0194)

-0.00201
(0.00869)

-0.00430
(0.00520)

-0.0501*
(0.0293)

-0.0174
(0.0243)

0.00961
(0.00832)
-0.0977**
(0.0497)
-0.000702
(0.00843)

0.00806*
(0.00466)
-0.0717**
(0.0335)
0.000133
(0.00498)

0.0151
(0.0162)
-0.323
(0.245)
-0.0185
(0.0222)

0.0394*
(0.0222)
-0.242
(0.161)
0.00777
(0.0183)

0.000447
(0.0106)
-0.00417
(0.00827)
0.00122
(0.00861)

3.30e-05
(0.00595)
0.000502
(0.00820)
0.000922
(0.00523)

-0.0201
(0.0203)
-0.00970
(0.0732)
-0.0130
(0.0211)

0.0104
(0.0296)
0.00520
(0.0178)
0.00687
(0.0194)

-0.00287
(0.00900)
0.00665
(0.0148)
1,294

-0.00257
(0.00647)
0.00464
(0.00762)
1,193

-0.0371
(0.0245)
0.0196
(0.0382)
1,284

8.21e-05
(0.0229)
0.0176
(0.0292)
1,295

Note: Entries represent marginal effects (clustered standard errors).
***p<0.01, **p<0.05, *p<0.1
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the findings show that the effects are stronger in the sample that faces real monetary payments in the
experiments rather than hypothetical payments: incentivizing subjects seems to matter.
As the findings show that heterogeneity in risk aversion explains differences in mobility patterns, they
may explain differences in the income distribution as well: the empirical results provide a new explanation
for existing income inequality. Hence, risk averse individuals may not only select in different occupations
or types of education, once they enter the labour market they also follow different career paths. Because
risk averse workers are more likely to stay at their current employer, they may climb the ladder using the
internal labour market (i.e. through promotions). Wage growth of risk seeking workers is more likely due
to external labour mobility.
The empirical results show that the relation between risk aversion and turnover is not driven by higher
search intensity, indicating that the job acceptance decision is the central mechanism through which risk
preferences affect mobility behaviour. Individuals may not only search on-the-job to receive a job offer, but
may also use it as a strategy to decrease ex ante uncertainty about the quality of the job. Future research
may examine this function of job search in more detail.
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Appendix: Experiment
Research into decisional behavior
Some people enjoy taking risks while others prefer to avoid them. In this research we ask you to each time
make a choice between two options that can both win you prize money, depending on the throw of a sixsided die. There are no right or wrong choices in this study. The only thing that matters is your personal
preference.
You can make money
You can actually win real money here! At the end of this research, the computer will determine at random
whether you win any or not. The odds of winning are 1 in 10. If you win, the computer will select (again
at random) one of the options that you chose. We then let the computer roll the dice. This is how we
determine the amount won by your choice of option. That amount will subsequently be transferred into
your bank account. Be sure, therefore, to always choose the option that you really prefer, because that may
be the option that the computer selects to determine how much will be paid out to you.
Explanation part 1
In this part you need to choose between two options each time, either "Option L" (left) or "Option R" (right).
Here is an example:
A red die is thrown for every option. In the example above, "Option L" wins e 45 if a 1, 2 or 3 turns up. If

the die turns up a 4, 5, or 6, "Option L" wins e 15. "Option R" always wins e 25, regardless of what the die
turns up.
You can make money
Always choose the option that you truly prefer, since that may be the option selected by the computer if
you are really to receive any prize money.
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Results: alternative risk aversion measures

Table 5: Risk aversion and job mobility (self-assessed risk preferences)

(1)

(2)

Risk aversion
(average marginal effect)
Models with interaction effects
Risk aversion
ME of risk aversion at:
Permanent contract
Temporary contract

(3)

Risk aversion
ME of risk aversion at:
Poor match
Good match

(4)

Risk aversion
ME of risk aversion at:
Low vacancy rate
High vacancy rate
Observations

General

Financial

Occupation

Leisure

-0.0129**
(0.00621)

-0.00241
(0.00509)

-0.0204***
(0.00659)

-0.0250***
(0.00667)

-0.0125**
(0.00627)

-0.00150
(0.00515)

-0.0200***
(0.00680)

-0.0242***
(0.00689)

-0.0136**
(0.00623)
-0.00393
(0.0241)
-0.0133**
(0.00609)

-0.00396
(0.00507)
0.0220
(0.0248)
-0.00359
(0.00515)

-0.0205***
(0.00651)
-0.0173
(0.0245)
-0.0234***
(0.00693)

-0.0256***
(0.00678)
-0.0149
(0.0279)
-0.0269***
(0.00687)

-0.0229**
(0.00947)
-0.00484
(0.00705)
-0.0129**
(0.00622)

-0.00594
(0.00834)
-0.00144
(0.00571)
-0.00256
(0.00513)

-0.0297***
(0.0104)
-0.0177**
(0.00770)
-0.0204***
(0.00661)

-0.0306***
(0.0106)
-0.0236***
(0.00822)
-0.0250***
(0.00664)

-0.0156**
(0.00771)
-0.0101
(0.00840)
2244

-0.00552
(0.00653)
0.000622
(0.00723)
2244

-0.0232***
(0.00782)
-0.0174*
(0.00920)
2244

-0.0243***
(0.00918)
-0.0258***
(0.00913)
2244

Note: Entries represent marginal effects (clustered standard errors).
***p<0.01, **p<0.05, *p<0.1
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