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Abstract

This paper provides the first global assessment of the labor market effect of
international migration on child work in countries of origin. We use an original
cross-country survey dataset, which combines information on international em-
igration flows with detailed individual-level data on child labor at age 5-15 in
a wide range of developing countries. By exploiting variation in the emigration
supply shocks across labor market units defined on the basis of both geography
and skills, we estimate the incidence and intensity of child labor as a function
of interactive effects between parental skill and country-level emigration shocks.
We measure the latter through several indicators including a direct measure of
the relative skill compostion emigrants relative to the resident population in the
country of origin. Overall, after controlling for a large set of individual-level char-
acteristics, remittances, and country fixed effects, our findings are consistent with
predictions and show that international migration may significantly reduce child
labor in disadvantaged households through changes in the local labor market.
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1 Introduction

A global picture of child labor shows that in 2008 approximately 215 million chil-
dren between 5 and 14 years old are at work (both market and domestic work), 61
percent of whom are in Asia, 32 percent are in Africa, and 7 percent are in Latin
America (ILO 2010). The persistence of the phenomenon has led to a growing in-
terest in understanding its causes and consequences and several explanations have
been provided, including the need for extra household income to achieve minimum
consumption, credit constraints combined with poverty and agency problems (e.g.
Basu and Van, 1998; Baland and Robinson, 2000).

More recently, several observers have highlighted the role of globalization and
market integration in shaping the incidence and intensity of child labor in developing
countries (Dinopoulos and Zhao, 2007; Edmonds and Pavcnik, 2005 and Epstein and
Kahana, 2008). In particular, it has been observed that both international trade and
migration may influence child labor in low-income settings through their impact on
the labor market (Dinopoulos and Zhao, 2007 and Epstein and Kahana, 2008). Yet,
while there is some evidence of the little or no harm of international trade on child
work (Cigno et al, 2002; Edmonds and Pavcnik, 2005), the labor market impact of
global migration flows on children in countries of origin has received little empirical
attention.

International migration, mainly from poor to rich countries, has risen steadily
over the last three decades. By the 2000s, some developing countries have lost a
substantial fraction of their population to emigration. Emigrants account for some
10% of the population of Mexico, and as much as 20-30% in smaller countries such as
Albania or Trinidad and Tobago. The sheer scale of the cross-border movements of
people has raised much interest and a number of concerns about its economic impact
on the labor-market in source countries. In an important empirical paper on the
labor market impact of emigration, Mishra (2007) shows that Mexican emigration
to the United States over the period 1970-2000 has a strong and positive effect on
Mexican wages (see also Hanson, 2008, 2007). Yet, while the focus has been mainly

on the adult labor force, little is known on child work in migrant-sending regions.



The purpose of this paper is to provide new empirical evidence on the conse-
quences of global international migration flows on the incidence and intensity of child
labor in less developed countries. In particular, we provide a quantitative assessment
of the global impact of the observed levels of emigration on child labor in the coun-
tries of origin, taking explicitly into account the skill composition of both the migrant
and the resident labor forces.

We use an original dataset which combines information on the skill and gen-
der composition of migrants in each sending country with detailed individual- and
household-level survey data on child labor (Docquier et al., 2007; MICS II-UNICEF,
2000). The data also allow us to characterize the type of activity in which each child
is employed, i.e. market work, family business or domestic work. We hence generate
a large cross-country survey dataset on more than 200,000 children aged 5-15 from 38
developing countries. The combination of detailed survey data on child labor with in-
formation on international migration outflows allows us to test for interactive effects
between individual (parental) characteristics and country-level attributes.

According to the theory the correlation between child labor and international
emigration may be at work through a labor market effect. This is so as significant
labor force emigration leads to a tightening of the local labor supply, which induces
both income and substitution effects working in opposite directions. To the extent
that labor migration outflows generate higher wages for adults, and leisure (schooling)
is a normal good, childrens’ labor market participation will fall (Basu and Van, 1998).
On the other hand, if emigration is also associated to a rise in children’s wages, this
might lead to an increase in children’s labor market participation (Cigno and Rosati,
2005, Manacorda and Rosati, 2010, Edmonds and Pavcnik 2005). These competing
effects, though, are likely to depend on the characteristics of emigrants with respect to
stayers, as well as on household and child attributes. In particular, the substitution
effect is likely to be at work if emigration is relatively low-skilled with respect to
stayers, since children typically compete in the low-skilled labor market. At the same
time, the improved labor market conditions faced by households with lower levels of
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Furthermore, the above effects are likely to be differentiated according to a set of
household and individual (of the parent and of the child) attributes such a gender, age,
wealth conditions, living area. This is so as child productivity, returns to investment
in human capital and parental preferences over their children’s time use are likely to
differentially interact with the emigration impact.

It should be noted that household (and aggregate) income gains may also come
from migrants’ remittances. Even though we are interested in the comprehensive
effect of migration (see McKenzie and Sasin, 2007), in our empirical analysis we
further control for the effect of remittances as to reveal the migration 'net’ effect.

Overall, whether the labor market impact of emigration on children in sending
countries is at work through changes in income or incentives for work is theoretically
ambiguous a priori. By taking advantage of our data that allow to use interaction
terms between individual level characteristics and country level emigration flows, we
are able to estimate the dominating force at work.

Our results show that international migration plays a significant role in shap-
ing family decisions on children’s time allocation in migrant-sending countries. In
particular, the overall level of migration has a negative effect on the labor supply
of children. Moreover, when disaggregating migration rates by skill, we find that
children with lower educated parents are less likely to supply labor the higher is
low-skilled emigration. We further use a direct measure of the skill composition of
emigrants relative to stayers as to better measure the labor market competition ef-
fect. We find that the lower is the emigration skill composition with respect to the
local labor force, the higher is the probability of low-skilled parents to withdraw their
children from the labor market. Decomposing further migration outflows by gender,
we find that female migration is strongly related to a decrease in children’s labor
supply, whilst male migration does affect child labor to a smaller extent. Finally,
it is younger children, boys and those who belong to poorer hosueholds who largely
decrease their labor supply in response to emigration flows and labor market changes.
This is consistent with a simple model where child labor and schooling in developing

countries are ultimately the result of poverty (Edmonds and Pavnik, 2005).



Our findings shed new light on contentious effects of skilled and unskilled inter-
national migration on child labor, while contributing to the general debate on the
consequence of labor mobility on sending countries by looking not only at education
but also at child work. The way that households respond in terms of their children’s
time use to emigration supply shocks and labor market incentives has relevant policy
implications for both poverty alleviation and international migration management in
developing countries.

The rest of the paper is organised as follows. Section 2 describes the theoreti-
cal background and related literature. Section 3 presents the data and descriptive
statistcs. Section 4 describes the empirical strategy while Section 5 presents results.

Section 6 concludes.

2 Background Literature

Standard theory on factors’ mobility suggests that globalization and economic inte-
gration across national borders may have an impact on child labor mainly through
changes in the competitive labor market that lead to both substitution and income
effects. Indeed, global market integration may increase labor demand of both adults
and children. Yet, the greater demand for adult labor can raise family incomes in
a way that tends to reduce child labor (Manacorda and Rosati, 2010; Edmonds and
Pavenik, 2005b). By using both cross-country and household level data, Edmonds
and Pavcnik (2005a, 2006) provide systematic evidence that there is a decline in child
labor upon the increase of trade liberalization, maily driven by the positive associa-
tion between openness and income (see also Cigno and Rosati, 2002; Edmonds and
Pacvnik, 2005b, among others). On the same theoretical ground, there is a direct
relationship between international labor mobility and local labor market conditions.
Ceteris paribus, a negative labor supply shock induced by emigration yields a short-
run increase in the wage rate of workers left behind- while long-run effects will depend
on the relative magnitude of potential emigration-induced changes in labor demad.
In a seminal empirical paper, Lucas (1987) uses annual time series data from 1946
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South Africa has raised agricultural wages in Malawi and Mozambique (see also Lu-
cas, 2005). Yet, several contributions on the economics of migration have observed
that the labor market impact of migration is uneven across the population, and the
main income-distribution effects depend on the skill composition of emigrants (immi-
grants) relative to stayers in the source country (natives in the destination country)
(e.g., Borjas, 1987; Altonji and Card, 1991).! According to the latter framework, if
emigrants are on average less skilled then stayers, they will hurt skilled natives and
benefit unskilled ones, as their departure will induce an increase in the unskilled wage
and a decrease in the skilled one. Conversely, if emigrants are relatively more skilled
than stayers, unskilled stayers will be hurt in the labor market, whereas skilled ones
will benefit from their departure.

These theoretical predictions has been tested by the empirical literature studying
the impact of immigration on the wage structure, using various identification strate-
gies. One major strand of the literature identifies the direct effect on wages of native
workers experiencing immigration-induced increases in labor supply, by using varia-
tion in the immigrant share across labor market units. The definition of the latter
units is mostly based on geography and skill, where the latter is measured by the
level of education (and experience or occupation, when available) (e.g., Card, 2001;
2005; Borjas, 2003).2

In contrast, the first empirical contribution testing the labor-market impact of
emigration using spatial variation and individual-level data is Mishra (2007). The
latter study combines U.S. census data on the volume of Mexican emigration to the
US with Mexican census data on individuals in the labor force to assesses the impact
of the outflow of workers on Mexican wages. By employing the same approach as

described above (i.e. by using the supply shifts in skill groups induced by emigra-

'In particular, it has been shown that the wage impact of immigration for native workers will
depend on the skill composition of immigrants and the substitutability between immigrant and
native labor (within skill group) as well as the degree of substitution between workers with different
qualifications (Ottaviano and Peri 2011). Yet, when studying emigration from the same country the
degree of substitutability is less of a concern.

?The definition of labor market units based on geography (*the spatial correlation approach’) has
been subject of debate, the conclusion of which may be that, when dealing with migration, the labor
market of reference is the one at the national level (see Borjas, 2003)- framework that we follow in
our cross-country analysis.



tion), the author finds that a 10 percent increase in emigration, on average, increases
wages in Mexico by almost 4 percent. Consistently with the latter piece of evidence,
Aydemir and Borjas (2007) use individual data drawn from the Canadian, Mexican,
and U.S. Censuses and show that a 10 percent change in labor supply is associated
with a 3 to 4 percent change in wages in the opposite direction. In a study of Puerto
Rican workers, Borjas (2008) finds that a 10 percent emigration-induced fall in the
number of workers in a particular skill group raises the average wage by about 2
percent. Finally, in a more recent paper Bouton et al. (2011) use household survey
data to examine the impact of emigration on wages in Moldova, another country
where emigration of the labor force is significant. Results show that emigration flows
from Moldova yields a positive and significant impact on wages at origin, and the
magnitude of the effect is close to the one estimated by Mishra (2007). 3

Overall, by inducing an income-distribution effect across the population, the wage
increase emanating from the fall in adult labor supply may affect child labor. In
particular, emigration of skilled workers are expected to reduce the incidence of child
labor through an increase of the relative wage rate of educated people. The opposite
holds for economic integration that raises returns of low-education (Edmonds, et al
2006, 2008; Cigno et al. 2002). Dinopoulos and Zhao (2007) use a general equilibrium-
model to show that emigration of unskilled (skilled) workers increases (reduces) the
incidence of child labor via a labor substitution effect. On the contrary, Epstein
and Kahana (2008) argue that temporary emigration of unskilled workers might help
households overcoming a minimal survival income threshold that would lead to a
reduction in the incidence of child labor. Taking into account both the cost of the
family’s temporary separation and the benefit of receving remittances, the household
income effect would reduce labor supply, increase wages and allow both migrant- and

non-migrant-households to take their children out of the labor force. Overall, given

3Using different approaches and focusing more on geographic (or sector) averages rather than
individuals, other contributions have shed light on the labor market impact of emigration in countries
of origin. Robertson (2000), Chiquiar (2004), and Hanson (2004) for example provide evidence that
those Mexican states that have greater international trade and migration links have enjoyed faster
growth in average income and labor earnings. In addition, the impact of emigration on wages in
Mexico has been largest in states with well-developed U.S. emigrant networks (Munshi, 2003). In yet
another study, Hanson (2006) suggests that average hourly earnings in states with high emigration
rates increased by 6 to 9 percent, compared to states with low emigration rates.



competing effects of changes in income vs incentives for work, how international
migration shapes the incidence of child labor in coutries of origin is an empirical
question with no unambigous answer.

Also from the perspective of the economic theory of the household, international
migration (i.e. gendered or skill-biased migration) may have an ambiguos net effect
on child time allocation between labor and schooling. Indeed, given that decisions
about how to allocate child time are mainly made by a parent, if parents care about
their own and their children’s consumption, key roles in determining child labor or
schooling will be ultimately played by: (i) the direct and opportunity cost of educa-
tion, (ii) the expected return to education and (iii) access to capital markets (Cigno
and Rosati, 2002, Grootaert and Kanbur, 1995). Therefore, as long as labor migra-
tion outflows determine a change in wage rates (potentially coupled with remittance
capital inflows), it is possible for parents to shift their children’s time allocation. In
particular, unskilled labor outflows make expected returns to education fall and child
labor increase through a substitution effect. At the same time though, a positive
income effect, stronger among children of parents with low levels of education, may
increase child schooling, leading to an ambiguos net effect on children time allocation.
On the other hand, if out-migration is more concentrated among educated workers,
skilled wage rate, as well as returns to education, will rise making child labor par-
ticipation fall. This effect will be potentially stronger in households with relatively
higher educated adults/parents than in households where adults are low-educated-
even though in such skilled households child labor is a less relevant issue. It should be
noted, though, that if there is some degere of complementarity in production between
skilled and unskilled workers, skilled (low-skilled) outmigration may still influence la-
bor supply of children of low-educated (educated) parents via a negative effect on
wages of the uneducated workers left behind (see Docquier et al. 2011).4

Micro-economic evidence on the effects of international migration on child human

capital accumulation is mixed. The latter body of literature has largely focused

4 According to the economic theory, emigration form a (closed) labor market affect the wage
structure in that market by increasing the wage of competing workers and decreasing the wages of
complements (Borjas, 2003).



on the impact of an increase in household income via remittances on accumulated
schooling, finding some positive effects (see, for example, Cox Edwards and Ureta
2003, Lopez Cordoba 2004, Yang 2004). A key common result is that the impact
of migration and remittances is not homogenous across sub-groups of children with
particular demographics. In particular, the positive impact on education outcomes
tends to be larger for girls, younger children, and children whose parents’ (particularly
mothers’) schooling is low. Hanson and Woodruff (2003), for example, find that in
rural Mexico, living in a migrant household results in girls aged 10-15 completing
significantly more years of schooling in the case where the mother has a low level of
education. Consistently, McKenzie and Rapoport (2011), by using historic migration
as an instrument, find that Mexican children aged 16 to 18 in migrant households
have lower levels of educational attainment especially for children whose mothers
have higher levels of schooling. Among the explanations they offer is that children
at that age may start migration and hence quit school. In addition, migration may
create a disincentive to remaining in school as the returns to education in Mexico are
higher than in the USA leading to lower education aspirations for those planning to
migrate.

Only few papers examined the impact of migration and remittances on child work,
and none of them look at the labor market effects. Yang (2008), for instance, find
that remittances received at the household level reduce the labor supply of children
aged 10-17. The outcome used by the author is the change in total hours worked and
changes in hours worked in different types of employment. He find that the exchange
rate shock (proxying for remittances) has a negative effect on total child work hours.
Looking at employment types, hours worked in the category of self-employed or an
employer or as a paid family farm worker, increased with the shock. Mansuri (2006)
on Pakistan finds that children in migrant households are less likely to be involved
in economic work and report working for substantially fewer hours.

Futhermore, according to the literature we can also expect that the link between
female migration and human capital accumulation is different from that of male mi-

gration, since women’s preferences as well as mothers’ child supervision and monitor-



ing of school attendance are particularly important for decisions taken over children
(e.g. Hildebrandt , N. and D. McKenzie. 2005; Macours, K. and R. Vakis. 2007;
Mansuri, G. 2006). Using Census data from the Philippines, Cortes (2010) finds that
children of migrant mothers are more likely to be lagging behind in school compared
to children with migrant fathers. Findings are robust to controlling for gender differ-
ences in remittance behavior, supporting the hypothesis that mother’ absence has a
stronger detrimental effect than father’ absence.

Finally, other studies have pointed out that many working children in low income
countries are employed in the family business, most often on the farm (especially
in Africa), and missing or imperfect labor markets lead to child labor persistence
even among the wealthiest households (Bhalotra and Heady, 2003; Bhalotra, 2003).
Moreover, the majority of children typically work in the household itself, looking
after siblings or substituting for adult members in the perfomance of domestic works
or chores (Cigno, Rosati and Tzannatos, 2001). There is a limited but consistent
amount of evidence on the effect of increases in local labor demand on children’s time
allocation and labor supply in developing countries (Manacorda and Rosati, 2010;
Parikh and Sadoulet, 2005). Thus, in poor economies, where the market for hiring
labor is likely to be affected by significant labor force outflows, migration of adults
may have unclear consequences to the child labor resolution problem. We focus on
this ambiguity exploring the determinants of different forms of child labor -within and
across countries- and their interaction with the labor-market impact of international

migration, by skill and gender, on sending regions.

3 The data

Our empirical analysis is based on a cross-country household survey data set coupled
with country-level information on international migration flows from a large set of
developing countries. The former is the Multiple Indicator Cluster Survey at the
end-decade assessment (MICS II), an international household survey initiative led by
UNICEF that provides internationally comparable micro-level information on child

labor and schooling for 38 developing countries- 22 of which in Africa, 8 in Asia, 5
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in Latin America, 3 in Eastern Europe. Most of the MICS II were implemented in
2000 (with a few countries in 2001) and contain several household level information,
such as demographic characteristics, wealth indicators and education information on
household’s members. The most important feature of this dataset is that it containes
homogeneous data on both domestic and market labor participation of children, where
the latter are individuals aged 5-15. Labor activities include market work, family’s
business work and general domestic activities.

The data source for international migration is the recently developed database
produced by Docquier, Marfouk and Lowell (2007), which contains estimates of em-
igration stocks and rates of the working-age population (aged 25 or more) from 195
source countries to OECD countries in 1990 and 2000. The advantage of this dataset,
whith respect to others, is the disaggregation of migration flows by country of ori-
gin, skill (i.e. educational attainment) and gender.” Three levels of schooling are
distinguished in the dataset: low-skill workers are those with primary education (0
to 8 years of schooling completed), medium skilled workers are those with secondary
education (9 to 12 years of schooling) and high-skilled workers are those with tertiary
education (13 years and above). Information about the skill and gender of the native
labor force is also available.

We further combine the latter macro-data with country-level information on re-
mittance inflows in 2000, drawn from the World Bank’s estimate based on the In-
ternational Monetary Fund’s Balance of Payments Statistics Yearbook 2008. Yet,
information on remittances are only available for 28 countries among those for which
we have individual level information.

For each of the 38 countries we include in our analysis, Table 1 illustrates the

’The other advantage of using this dataset with respect to others is that data are from national
censuses which tend to be more representative, more accurate and more complete than other data
sources. Censuses (i) often account for undocumented immigrants at least in some countries like
the US, (ii) they categorize immigrants by place of birth, rather than nationality which can change
over time and across countries due to naturalization laws and (iii) report their education levels (see
Docquier, Lowell and Marfouk, 2008, for futher details).

SThe fact that it is not possible to distinguish migrants that did not complete primary education
or with no education at all from those with completed primary education is a data limitation, since
there is a lot of variation with respect to the latter categories in many developing countries. Moreover,
according to the data construction we are not able to distinguish the country in which each individual
received her education, but according to Beine et al. (2007) controlling for age of entry does not lead
to different estimates of the educational level of the stock of emigrants.
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incidence of child labor (i.e. children employed in any work activity), total emigration
rates as a proportion of the total labor force born in the sending country (including
migrants themselves), unskilled and skilled migration rates (i.e. the ratio between
the emigration stocks by educational attainment to the total number of people born
in the source country and belonging to the same educational category), an index that
measures the share of unskilled migrants as a proportion of the share of the unskilled
labor force (see below) and finally the level of remittances as a percentage of the

country GDP.
-Table 1 about here-

Key in our study, we use different measures of out-migration flows as they dif-
ferently reflect the pressure they impose on the local labor market. Measuring the
migration rate by educational attainment as a proportion of the total labor force in
the same educational category is a well used strategy to do so (Docquier et al. 2007).
Yet, a direct approach to measure the emigration-induced labor market competition
entails measuring the relative skill composition (RSC) of emigrants with respect to
the total labor force at origin. Hence, we build the RSC index <1mrén0;0 / %) ,
that is the ratio of low-skilled to skilled labor in the migrant relative to the stayer
populations in country j (see Mayda, 2006). The higher is the latter index, the lower
is the skill composition of emigrants with respect to stayers. The advantage of the
RSC index is that it considers not only the outmigration skill composition, but also
the resident labor force skill composition, and therefore it is a proxy for changes in
relative wages induced by migration.

Table 1 shows that the share of children involved in any work activities (both on
the market and at home) is quantitatively important in all of the countries considered
and variability spans from a minimum of 15% to 92%. On average the migrant popu-
lation is around 3%, even if for some countries it is equal or greater than 20%. Based
on both the skilled-migration share and the RSC index, in all countries out-migration
is more skilled than the resident labor force. Yet, there is great variation, namely

for some countries either the share of unskilled migrant population is relatively high
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or the share of unskilled labor force is relatively low. Column (5) reports remittance
rates as percentage of the GDP and it is worth noting that for Albania, Moldova and
Lesotho remittances in 2000 are a substantial source of income, reaching respectively
16, 14 and 34 percentage of the GDP.

Combining these two sources of micro and macro-level information, we assembled
an original data set for 38 less developed countries where both child labor and out-
migration are relevant phenomena. In this way we include in the analysis more than
200,000 children aged 5-15.

Based on survey data, Table 2 reports descriptive statistics of main characteristics
of children and their families. On average, relatively older children, females, those
living in rural areas and having larger family size work more frequently, while those
who live with their own mother work less. Moreover, the share of working children
is higher at the lower quantiles of the wealth distribution, where the latter measures
households’ socio-economic status based on individual/household assets ownership.
Most of the surveyed kids are employed in some work activities (73%) and domestic
work is prevalent” (68%), followed by market work (32%) and family business (26%).
It should also be noted that school attendance is relatively high, as 81% of the kids de-
clared to have attended school during the last year.®The different work activities and
school attendance are not mutually exclusive though, with 63% of children engaged

in both.
-Table 2 about here-

In Figure 1 we report the scatter plot of the correlation between country-level
incidence of child labor and the RSC index. Correlation is negative, i.e. the higher is
RSC the lower is the share of children involved in work activities. This may suggest
that, consistently with the theory, the lower is the skilled composition of emigrants
relative to stayers, the bigger is the ex-post supply shock of unkilled relative to skilled

workers in the origin economy, the higher (lower) is the low-skilled (skilled) wage, and

"Chores include fetching wood or water, caring for children, cooking, shopping, cleaning, whashing
clothes, etc.

8Yet, the quality of such a variable may be poor in that unable to capture the intensity of school
attendance or achievments.
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therefore the higher is the income of low-educated families. If child labor is negatively
affected by the latter, then children’s labor supply is negatively associated with low-
skilled migration outflows. In the rest of the paper, using individual level data, we
investigate how children’s labor supply determined by their parental skill level - as
a proxy of labor market conditions - interacts with the (relative composition of)
migration outflows from the country they live in. We further control for remittances,
as the latter may also play a role on child labor by increasing income of low-killed

families.

-Figure 1 about here-

4 Empirical Strategy

We start by estimating a child labor equation in order to investigate the individual-
level determinants of children’s labor supply within countries with different emigra-

tion flows. The empirical model is a linear specification as follows:
Yij = a0+ on Xy; + aoHij +uj + & (1)

where Y;; is a dichotomous variable indicating whether child 7 in country j supplies
any kind of work. We first take into account generic labor supply, then we distinguish
between market and domestic work. We further use hours of work as a continuous
dependent variable. In a last specification, we test a school enrollment equation by
using whether the child attended school in the last year as dependent variable, even
though the latter does not exclude labor supply. Xj; is a vector of individual and
household-level characteristics typically shaping child labor, including age, gender of
both the child and the household head, a dummy indicating whether the child ever
attended school, two dummies for living with the mother and the father, family size
and household demographics, birth order, a dummy for urban area and the wealth
index in quintiles (summary statistics for these variables are reported in Table 2).

H;; is a key variable that measures the skill level of child i’s household head,

characterized by her/his educational achievement. The latter is a proxy for individual
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wages that enablies us to identify the household head’s labor market unit. In most
of our specifications, H;; is a dummy variable equal to one if the household head
is low-skilled, i.e. has primary education ws secondary, tertiary and others, as to
match the same classification of educational attaiments as reported in the country-
level migration dataset (in other specifications we also use alternarive variables for
educational attainment, e.g. college education vs non-college education). u; are
country fixed effects and ¢;; is the error term. In the estimation we allow for spatial
correlation, clustering the errors at the country level.

Yet, in general cross-country coefficients may not be homogenous and, in partic-
ular, parental skill levels may have a different impact on child labor across countries
with different emigration rates via a labor market effect. Therefore, in order to test
the latter hyphothesis, we take advantage of the panel data structure of our combined
dataset (children within country) and estimate a child labor equation in which we
explore the heterogeneity of individual-level variables across economies with different
emigration flows. Hence, we estimate an individual level model with country-level
fixed effects, and test for interactive effects between individual (parental) character-
istics and country-level covariates, as follows:

Yij = ao + a1 X + aoHyj + asHyj + my + uj + €5 (2)
where m; is a measure of the emigration supply shock in country j. The direct
effect of the variable m; is perfectly absorbed by the country fixed effects. Our
coefficient of interest is ag, which captures the labor market impact of the emigration
shock on child labor supply within relatively low-educated households.

Given the focus of our analysis, as already mentioned in the section on data de-
scription, we characterise the migration variable m; in different ways in order to
better capture the emigration-induced pressure on the local labor market, which on
turn may affect child labor. Indeed skilled and unkilled workers (as well as female
and male workers) do not compete in the same market so that we focus on the skill

composition of emigration as to explore whether the impact of parental skill on child
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labor takes place through a local labor market effect. Thus, in first place we distin-
guish the migration rates by educational attainment of migrants (as a proportion of
the total labor force in the same educational category) and we include as regressors
the country-level fractions of migrants with primary education (which is absorbed by
the fixed effects), as well as the interaction term with the individual low education
variable.

Secondly, and most importantly, we can measure the labor market impact of
emigration by taking into account also the skill composition of resident workers.
Therefore, we can model the effect of parental skill on child labor as a function of
each country’s relative skill mix. To do so, we include in the empirical specification
both the country-level RSC index (which is absorbed by the fixed effects) and the
interaction variable between the individual skill level and RSC.? We do the same
by additionally differentiating migrants by gender and by matching individuals and
migration rates according to both skill level and gender, in order to identify even
better labor market units.

In addition, all empirical specification are further amended by including the level
of remittance inflows (as a percentage of the GDP) at the country level, and the
interaction term between the latter variable and the individual (parental) skill level,
as a proxy for a 'pure’ income effect.

The emigration variable is assumed to be exogenous in the basic model. This is
so as migration variables are based on data on migration stocks which are likely to
reflect the cumulative flow of permanent and temporary workers over past decades as
reflected in 2000. Thus migration stocks variables are more appropriate to measure
migration dynamics with respect to flows (Docquier and Marfouk, 2006). It follows
that the most relevant determinants of the migrant stocks reported in the Docquier
et al. (2007) database are likely to reflect economic and other conditions prevalent
in periods earlier than 2000, which reduces endogeneity concerns of migration with

respecto to child labor in 2000. Furthermore, we investigate both interacted and

%A similar approach has been used by Mayda (2006) in her cross-country study on public opinion
and immigration. In the latter paper the significance of the interactive effect between individual skill
and country-level RSC of immigrants relative to natives is put under test in order to investigate the
role of labor market changes on global attitudes towards immigration.
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heterogenous effects which helps confirming identification, since any omitted variables
would have to behave differently for different slices of the data in order to exhibit
the sorts of heterogenous effects that we find. However, we do an attempt to further
reduce endogeneity concerns by using both the variation in net emigration flows

during the 1990s and the lagged (ten-years before) migration variables.

5 Results

5.1 Individual-level determinants of child labor

We start by reporting individual level determinants of children’s labor supply in Table
3 and results show the expected sign. In particular, children whose household head
is relatively low educated (i.e. primary school education vs higher education) are
significantly more likely to supply labor of any kind (market, family business work,
chores) and less likely to attend school. Education is a typical proxy for earnings as
low-skilled household heads are likely to face worse labor market conditions which
are strongly associated with child labor in our cross-country sample of children.!”
Moreover, being relatively older increases the probability to supply work and males
are more frequently employed in market work, while females are significantly more

engaged in domestic works (chores). Male headed households, on the other hand, are

significantly more likely to send children to work.
-Table 3 about here-

Overall, it seems that more disadvantaged households are more likely to dispatch
their children to work. This is so as, on average, children living in rural (urban) areas
are positively (negatively) associated with labor supply of any kind. Moreover, the
lower the level of wealth of the child’s family, the higher is the probability of child
labor. As far as household demographics are concerned, results of their influence on

the incidence of child labor are as expected. The number of siblings under 5 years old

10Tt has been also shown that education is likely to be trasmitted across generation, and the
sensitivity of the latter trasmission (the gradient) is higher in low-income settings. This is important
to us because our results will point to a country-level variable/policy (i.e. migration) which may
reduce such a gradient.
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is positively associated with the propensity to work and negatively associated with
school attendance. In households where there are many female adults, instead, the
probability to work (especially in chores) is lower.

Finally, our regression specifications always control for the presence of either
the mother or the father in the family, which is a catchall variable for any form of
parental absence, including migration. Results show that if the mother lives at home,
the child probability to supply labor significantly decreases while school attendance
significantly increases. Fathers’ presence instead seems to play little or a positive role
in favouring child market or family business work. These findings are consistent with
‘traditional’ gender roles within the family with respect to investment in children,
even though we cannot explore further this aspect in this context. What is important
to us, though, is that the dummy variables for whether the mother or the father is
present at home allows us to control for whether there is a case of maternal or paternal
emigration in the household.

In the next section we allow for cross-country heterogeneity of coefficients accord-

ing to different levels of international migration out-flows.

5.2 The role of out-migration on child labor supply

In the benchmark model above we constrain the coefficients on individual characteris-
tics to be the same for all countries in our sample. Yet, socio-economic determinants
of child labor may differ across economies. In particular, according to the theory
discussed above, the effect of parental skill on child labor may take place in the la-
bor market. Thus, we take advantage of the panel structure of our data (children
within country) and investigate whether the skill level effect is heterogenous across
countries with different levels of labor migration outflows. We estimate equation (2)
above, where we focus on both low-skilled households (measured by a dummy vari-
able equal to one if the household head has no more than primary education) and the
interaction term between parental low-education and the emigration supply shock.
In order to measure the latter, in a first specification we use the (log of the)

aggregate rate of emigration with respect to the total resident population. Results
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reported in Table 4 show that, ceteris paribus, the relationship between the parental
skill level and child labor depends on the emigration rate. Indeed, the emigration
supply shock negatively affects the probability to work of children with low-educated
household heads, thereby offsetting or mitigating the positive direct effect of parental
low-skill on child labor. According to our estimates, a 10% increase in the migration
rate decreases the probability of child labor by 1.2 percentage points (p.p.) and the
total time of weekly work by 7.3 hours. The latter effect holds for child domestic work
while there is no impact on market or family business work. In addition, the migration
effect is significantly positive when the dependent variable is school attendance in the
last year.'’ In Table 5 we check the robustness of our results to the inclusion of the
(interacted) remittance variable, the availability of which reduces our sample by 10
countries.'> Thus, in the odd columns of the same table we also report migration
estimates by using the same reduced sample of 28 countries and results do not show
remarkable differences with respect to the case with the largest sample. On the other
hand, the migration effect is robust to the inclusion of the (interacted) remittance

effect at the country level.
-Table 4 and 5 about here-

We may interpret the negative effect of migration on child labor in the relatively
uneducated group of households in terms of the labor market response to supply
shocks. Emigration shifts labor supply in the local labor market unit in the country
of origin, thus pushing wages up. From a theoretical perspective this may have an
ambiguous effect on child labor. On the one hand, assuming that children and adults
are substitute workers to some extent, incentives to work are stronger as earnings are
higher. On the other hand, the increase in adults’ wages may prevent child work, as
adults themselves can provide to the income that was generated by children. These
competing effects seem to be supported by our estimates showing a dominant income

effect in significantly reducing child domestic work, where the majority of children are

"'When we use hours of work as dependent variable, we loose some observations. When we estimate
the ’school attendance’ equation we loose about 80.000 observations due to missing observations in
such a dependent variable.

2For the seek of space, we only report linear results of the child probability to work. Results on
hours of work are available from authors upon request.
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employment, while stronger incentive effects (albeit non-significant) may be at work
with respect to market work. Remittances as well, as a proxy for aggregate income
inflows, may play a role in reducing child labor. However, the measure for remittances
we use is not at the household level, but it is a country-level indicator of official private
capital flows, which are likely to underestimate remittances sent, especially from and
to low-educated households, through informal or unofficial channels. This is also
likely to be the explanation of the small coefficient we find on the correlation between
remittances and labor supplied by children with low-skilled parents (Table 5). School
enrolment is consistently positively related to migration outflows in low-educated
households but when remittances are considered the effect is no more statistically
different from zero. As a robustenss check we further control for the interaction
between low-skilled parent and the national GDP per capita, in order to capture the
(indirect) effect of unofficial remittances. In addition, we amended our child labor
estimating equations with cohort-country fixed effects (by interacting child age and
country dummies), as to clean out the impact of cyclicality. In both cases findinds
are not siginifcantly different from the ones presented in Table 5 (results are availble
upon request).

As already discussed throughout the paper, though, the degree to which outmi-
gration put pressure on the local labor market is likely to be correlated with the skill
composition of both the emigrant and resident population.

In oder to tackle this issue, in a next specification we replace our aggregate migra-
tion rate indicator with the (log of the) percentage of emigrants with no more than
primary education as a proportion of the total labor force in the same educational
category. The latter is a better measure of the labor supply shock in the specific
(low-skilled) local labor market unit. Results in Table 6 are similar in terms of sig-
nificance to the previous ones and they all point to a negative correlation between
unskilled emigration and child labor in low-educated households. There is also ev-
idence of a significant positive correlation between low-skilled emigration and child
school enrolment in similarly low-skilled households. The magnitude of coefficients is

higher though, suggesting that what drives the negative correlation between migra-

20



tion and child labor in low-educated households is the migration rate of the unskilled
labor force, that is the labor market competition within skill group. Same estimated
effects are robust to the inclusion of remittances (results not shown and available

upon requests).

-Table 6 about here-

The latter findings seem to confirm the market mechanism we are putting forward
to explain the relationship between child labor and out-migration. The labor market
competition takes place within skill groups and, given that children in low-educated
families are more likely to work, they are also those who benefit more from a relatively
less skilled emigration shock through a positive effect on the local labor market and

hence on adults’ wages.

5.3 Empirical evidence using a direct measure of the skill composi-

tion of emigrants relative to residents

In order to measure the relative skill composition of emigrants, while taking into
account the skill composition of stayer workers as well, we use the RSC index (see
detailed descritpion above) as a better and more direct measure of the emigration
supply shock. It is worth recalling that according to our RSC characterization, the
higher is the index the lower is the skill composition of emigrants with respect to the
resident population. Here the RCS index is the log of 1 plus the skill composition of
emigrants relative to stayers.

Results reported in Table 7 show that the less skilled emigration is relative to
stayers, the less likely children are to work in any activity, i.e. market. family
business and chores. The amount of hours of work supplied by children decrease as
well upon the low-skilled emigration supply shock. The estimated effects are lower
in magnitude than before but more precisly estimated with respect to all job sectors,
from market to domestic work. After controlling for remittances though (Table 8)
effects on the probability of market and family business work are still negative but in

some cases less precisely estimated, while the coefficients of total and domestic work

21



are robust.
-Table 7-8 about here-

We interpret these results as evidence that emigration may affect child labor
through a labor market competition effect. This is so as RSC is a more precise index
of the emigration-induced pressure on the local labor market, and it is a proxy for
changes in relative wages induced by migration (see Mayda, 2006). Accordingly,
when the skill composition of emigrants relative to stayers is lower, the labor market
competition for unskilled local workers is lower and so their wages will be higher.
Thus, our results suggest that children will benefit from this effect by decreasing
their likelihood and intensity to work, especially in domestic activities. This means
that better labor market conditions of parents result in an improvement in children’s
status and time allocation within the family. On the other hand, on average there is
no evidence of a dominating substitution effect between child labor and low-skilled
adult work.

As a robustness check, we further explore how children of skilled parents respond
to emigration in the same skill group. We hence specify the same model as above by
using a different RSC’, that is the ratio of high-skilled (i.e. college educated) to low-
skilled labor in the migrant relative to the stayer populations and by interacting RSC’
with an indicator for whether the household head is skilled (i.e. he/she has tertiary
education or more). The higher is RSC’ the more skilled emigrants are relative to
stayers. Results are reported in Table Al in Appendix and show that within skilled
households child labor negatively responds to the labor market competition associated
with skilled migration, even though the effects are little precisely estimated (the only
barely significant effects are the ones on hours of market and family business work)
and the magnitude of the coefficients is much smaller than it is the case among
children of low-educated parents. Thus, the labor market shock induced by changes
in the supply of college educated workers seem to have little or no effect on labor
supply among children of skilled parents. This may reflect the fact that the latter are
less likely to be affected by the 'need’ of child labor, or alternatively that emigration-

induced income gains are relatively smaller in the skilled labor market than it is

22



the case in the low-skilled unit (i.e. more advantaged people have a relatively lower
elasticity of labor supply).

As a falsification test, in two different specifications we explore how children of
parents with a given level of skills respond to the emigration shock in a different
skill group. Thus, we use the same equation as above but testing (i) whether the
correlation between parental low-skill level, measured by primary education, and
child labor is affected by the relative high-skilled composition of emigrants measured
by the RSC’ index; and (ii) whether the correlation between parental high-skill level,
measured by tertiary education, and child labor is affected by the relative low-skilled
composition of emigrants measured by the RSC index. Findings are reported in Table
A2 and A3 in Appendix respectively. As expected, results are less significant than
above, but where there is an effect, the latter seems to point to a positive direction. In
particular, children of low educated parents are little or no affected by RSC’, but the
correlation between the latter and labor supply (especially chores) among children
of low educated parents is positive. On the other hand, RSC’ has a negative, albeit
non-significant effect, on child schooling, suggesting the little role played by skilled
migration in increasing incentives to go to school (Table A2). Similarly, children
of highly educated parents are slightly positively affected by the emigration supply
shock in the low-skilled market, especially with respect to market labor supply in and
out of family businesses (Table A3). This may reflect the fact that the emigration-
induced shortage of skilled labor (unskilled labor) tends to lower relative low-skilled
wages (skilled wages), and the latter may push child labor through a negative income
effect. Moreover, the prospect of future migration, when it is mainly low-skilled, seem
to significantly lower the incentive to invest in child education (see McKenzie and
Rapoport, 2011).!13 The latter evidence altogether can be considered as a symptom

that outmigration does affect child labor through a labor market effect.

3 Our findings are in part consistent with recent evidence on the labor market effects of emigration
in OECD countries provided in Docquier et al. (2011). By simulating the long-run employment
and wage effects of emigration, the latter study shows that emigration of mostly college-educated
workers has a significant negative impact on the wage of less educated non-migrant workers through
the forgone complementarity effects and lost of externalities from the departure of highly educated
natives.
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6 Heterogenous results

It is now interesting to consider the same estimation models as above on different
sub-samples in order to explore if children’s labor supply is differently shaped accord-
ing to their attributes such as the place where they live (urban vs. rural areas), their
age, gender or family wealth status. This is so as labor market returns and conditions
may differ across contexts and individual attributes. For instance, older children may
be more responsive to incentive to work as substitutes of (low-skilled) adult labor,
while younger children may be more (economically and non-economically) dependent
on parental conditions. We also consider separately female and male migration rates
and female and male labor market units as to explore if children’s time allocation
differently respond according to gender-specific migration. This is a relatively unex-
plored and relevant issue since the feminization of migration outflows is an increasing

phenomenon (Docquier et al. 2007).

6.1 Migration effect by individual and household characteristics

Results in Table 9 show that child labor in both rural and urban areas is responsive
to changes in the migration skill composition. Yet, results on market and family
business work are more precisely estimated for urban children whilst coefficients of
both generic and domestic work are slighty higher in the sub-sample of children
living in rural areas. This may reflect the fact that rural labor markets in developing
countries are more competitive such that the emigration-induced wage gain is lower
than in urban areas. At the same time though, children in rural families may be more
sensitive to labor market incentives as their work is typically a buffer for other (land
and labor) market imperfections as well as a complementary input to agricultural

assets (see Bhalotra and Heady 2003).14

-Table 9 about here-

Y471t should be noted that the average incidence of child labor in market work activities is 10 p.p.
higher in rural than in urban areas- while the incidence of child work in chores is about the same
across the two areas.
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Heterogenous effects may be also expected with respect to child age and gender.
Table 10 reports results on children aged 5-9 and 10-15 separately. The interaction
effects on the child labor propensity and intensity are higher and more precisely
estimated for the sub-sample of youger children, suggesting that the latter are those
who benefit more from out-migration via a labor market effect. Indeed, according to
our estimates, when out-migration is relatively less skilled than the local labor force,
younger children of low-educated parents are significantly less likely to be involved
in any work activities (both in and out of home) and more likely to go to school. In
other words, when parents are favored by better labor market conditions, they are
able to withdraw their younger children out of the labor force and better cater to their
needs. Older children instead are less affected by the parental skill-RSC interaction
which is not statistically significant, with the exception of the case of chores. This
may be due to the fact that older children are more likely to be sensitive to labor
market returns and to substitute unskilled adult work. Under certain assumptions,
the estimates for older children can also be considered as a sort of falsification test.
Indeed, if older children’s labor supply decisions are less affected by their parents’
decisions or conditions (‘life-course hypothesis’, Shavit and Blossfeld 1993), finding
an effect of parental skill-outmigration interaction in the age group 10-14 as large as
the one in the 5-9 age group would be considered as a symptom that we are catching

a spurious correlation.

-Table 10 about here-

Table 11 reports heterogenous migration results by child gender. While the aver-
age estimated migration effect is almost the same across males and females, there is
a stronger compositional effect on the male sub-sample. Higher relative low-skilled
emigration leads to a reduction in boys’ labor supply in market, family business and
household work, while the impact on female children is almost entirely driven by the

reduction of family work. This is also consistent with expectations.

-Table 11 about here-
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Finally, in Table 12 we report heterogenous migration effects across poorer and
richer households, defined according to their level of wealth being in the bottom two
or the top two quantiles of the wealth index distribution respectively. Not surpringly,
results point to a stronger emigration effect among children in poorer households-
even though there is some evidence of the labor market effect of emigration on richer
children as well (see Bhalotra and Heady 2003).

All of the above heterogenous effect are always robust to the inclusion of remit-

tances (results are not shown and available upon request).

-Table 12 about here-

6.2 Emigration, skill and gender

We now explore heterogenous effects in children’s labor supply according to both the
gender of emigrants and the gender of the household head. Even though female migra-
tion is relatively unexplored in the literature, migration of women raises important
concerns with respect to investment in future generations’ human capital (Cortes,
2010). This is so because of the growing roles of women as economic agents and their
preferences for investing resources in child well-being (Thomas, 1990). While there
are differences in children’s outcomes according to whether migration is a female or
male dominated process, these differences even vary with the gender of the parent
/household head, once again because of gender-specific prenferences over children’s
time use.

Moreover, by considering two key individual (parental) attributes such as gender
and skill, we are able to better indentify the labor market units potentially affected
by gender-skill specific emigration shocks. If males and females compete on different
labor markets, then female (male) out-migration flows may directly affect female
(male) conditions and hence we may observe a differential impact on child labor
supply by the gender of the parent.

We estimate a child labor equation on different sub-samples, namely the full
sample, the sample of children with a female household head, the sample of children

with a male household head, by using as a key regressor the gender-specific RSC
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index.!> Results on female and male out-migration shocks are reported in Table 13

and Table 14 respectively.
-Tables 13 and 14 about here-

Results show that on average child labor is slightly more responsive (in terms
of magnitude of coefficients) to female than to male out-migration, for both generic
and domestic work (reults panel A in Table 13 and 14). This may be due to the
fact that women typically face less favourable labor market conditions and therefore
they benefit relatively more at the margin, in terms of earnings and well-being, when
female outmigration reduces labor supply (i.e. female labor supply is more elastic).

Gender differentails, though, are even more marked when we look at households
with either female or male household head separately, and therefore when we match
gender-specific emigration shocks with individual/household characteristics.

On average, results are bigger and more significant when we estimate the child
labor effect on homogenous labor market units on the basis of both household’s skill
and gender. Indeed, low-skilled female out-migration has a stronger effect on child
labor in low-skilled female headed households rather than in households with a male
head (Table 12, panel B and C). The effect of male out-migration instead is not
very differently shaped according to household’s gender (Table 13, panel B and C).
Overall, these results show that adult men and women do not compete in the same
labor market and that the labor market impact of emigration in countries of origin
is indeed at work in shaping the work supply of children as well.'6

In particular, after controlling for the presence of the mother in the household,
we find that children are significantly less likely to work the higher is the female out-
migration shock in the local labor market - especially in female headed households.

This is consistent with other evidence showing that more disadvantaged groups (such

mlow 1w

""The gender-specific RSC index is ( *

oirew 14}“7"1) , that is the ratio of unskilled to skilled
k%3 ij
labor in the migrant relative to the stayer populations of gender i in country j, where ¢ is equal to
either female or male.
165till, there is some evidence of complementarities between female and male labor supply, as

shown by some significant results in Table 12-Panel C and Table 13-Panel B.
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as women with respect to men, on average, or less educated adult women compared to
skilled ones) are especially responsive to new 'market opportunities’ made available
by the opening of the borders - and that women invest more than men in children’s
human capital (e.g. Mushi and Rosenzweig, 2006; Luke and Munshi, 2007). All

results are robust to the inclusion of remittances (results available upon request).

7 Robustness checks

Our empirical analysis above is based on a well-used database of migrant stocks
collected in all OECD destination countries in 1990 and 2000, using census data as
primary data sources, and disaggregated by education level, gender and country of
origin (Docquier and Marfuk, 2006, and subsequent revisions). The latter migration
dataset has several advantages, as outlined in the Data section above, but at the
same time it may be under-reporting low-skilled migration flows since emigration to
OECD countries is particularly high-skilled with respect to the non-migrant native
population (see also descriptive statistics above). Thus, in order to increase the
percentage of south-south migrants we use two different sources of migration data,
namely the recently updated version of the Docquier and Marfouk (2006) database
by Docquier, et al. (2010) and the World Bank Global Bilateral Migration Database.
The former supplement original data by expanding the number of receiving countries
used to calculate migration stocks by country of origin, i.e. by adding the censuses
of 46 new non-OECD receiving countries for the period 1990 and 2000.” The WB
database instead is based on a combination of both censuses and population register
records which allows us to construct the stock of emigrants for each of the countries
included in our analysis. Thus both these datasets have the advantage that they
include at least some non-OECD destination countries, such that they are likely to
better capture the ’low-skill intensive’ emigration. At the same time, though, both
datasets do not provide the breakdown by education level of emigrants such that

we are not able to analyse the skill composition and the labor market impact of

"The inclusion of 46 non-oecd countries is an improvement with respect to our main dataset but
still give a biased measure of out-migration, as it leaves out many important destination countries
(such as India, Russia, Serbia, Ukraine, Egypt, Congo, Ghana, etc.)
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emigration.'® Nevertheless, in Table 15 we report regression estimates while using
the (log of the) aggregate rate of emigration with respect to the resident population
in 2000 as measured in the recent Docquier et al. (2010) database. Results are
similar to those reported in Table 4, even though the effect of emigration on child
labor is generally more precisely estimated in all of the different child labor equations
(columns 1-8). On the contrary, school attendance equation is estimated with less
precision (column 9). Thus, extending the coverage of the Docquier et al. (2008)
database to some non-OECD countries leads to the same finding as above, namely
that the emigration supply shock is negatively associated to child labor within low-

skilled households.
-Tables 15 about here-

In Table A4 in the Appendix we report regression estimates while using the (log
of the) World Bank aggregate rate of emigration with respect to the total resident
population in 2000 as a measure of the country-level migration shock. Results are
consistent with what we found above- in particular, the interactive effect is more
precisely estimated for chores, while the effect on child school attendance is again
positive and significant.

It would be interesting to explore further how the emigration of such 'more com-
prehensive’ pool of workers shifts the relative composition of non-migrant workers
of different education level, but as already mentioned data constraints do not allow
such an analysis. However, results obtained using different data sources confirm the
positive impact of emigration on child labor reduction.

Another concern related to the robustess of our results is that up to now we have
assumed that the emigration variable is exogenous. This is so as migration variables
are based on data on migration stocks which are likely to reflect the cumulative flow
of permanent and temporary workers over past decades as reflected in 2000. The
implication is that the most relevant determinants of the migrant stocks reported in

the Docquier et al. (2007) database are likely to reflect economic and other condi-

18 Actually the Docquier et al. (2010) database disaggregates emigrants by skill, but unfortunately
it only accounts for those with at least some post secondary education vs. all the rest.
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tions prevalent in periods earlier than 2000, which reduces endogeneity concerns of
migration with respect to child labor in 2000.

Nevertheless, in what follows we present some of the same estimated child labor
equations as above while replacing our stock-based emigration variables with either (i)
country-level emigration flows in the 1990s or (ii) lagged (10 year before) emigration
stock variables. The data source for international migration is the same as in the
previous section (Docquier, et al. 2007) as it contains skill-disaggregated estimates
of emigration stocks and rates in 1990 as well as in 2000.

Thus, by using the stock of emigrants (and local labor force) for each country in
our sample in two different years (1990 and 2000) and taking the difference between
the two, we get the relevant net emigration flows to be used in our analysis. Focusing
on the variations in the flow of emigrants over time allows us to net out returnees
from the gross flows of emigrants and possibly to better isolate the specific short-
run effects of emigration (see Docquier et al. 2011). Results are reported in Table
16 and 17, where we use as key (interactive) regressors the net emigration outflow
in the period 1990-2000 divided by the initial labor force population, and the net
outflow of low-skilled (primary-school educated) emigrants relative to the similarly
educated resident population in the 1990, respectively. Interestingly, we find no
different results from the ones obtained while using emigration stocks in 2000, both
in terms of significance and magnitude. Moreover, we calculated the flow-based
RCS index and results reported in Table 18 confirm the negative impact of the low-
skilled emigration outflow composition relative to stayer on child labor likelyhood

and intensity.

-Table 16-18 about here-

As a futher robustness check, we replace the emigration stock in 2000 with a
lagged well-behaved variable, namely the 1990 emigration outflow. The latter cap-
tures the 10-years before emigration supply shocks which is unlikely to be related
to unobservables that may simultaneously determine both migration and child labor

in 2000. In this way we mitigate reverse causation problems as it is not likely that

30



children labor supply in 2000 is a predictor for 1990 migration decisions. In order
to have reverse causality in this case we should allow people in 1990 to anticipate
the prospect of sending (their future) children to work in 2000 and to modify their
migration decision accordingly.

Results are reported in Table 19-21. Overall, findings are consistent with those
reported in the previous section and show that the (lagged) low-skilled emigration
rate and composition is negatively associated with current child labor in all categories,
i.e. market. family business and chores. The magnitude of the effect is smaller as the
lag between the labor emigration supply shock and children’s time allocation is quite
large. Nevertheless, these findings confirm once again that the emigration impact
on child labor may be at work through a labor market effect, and overall the effect
of low-skilled emigration may be positive in terms of child labor reduction among

children of parents with low levels of education.

-Table 19-21 about here-

8 Conclusions

Child labor is widespread and poverty-related phenomenon that has short- and long-
term detrimental implications for individual well-being (Edmonds and Pavcnick,
2005). Globalization in general, and international migration flows in particular, may
lead to a greater demand for both adult and child labor. However, the emigration
supply shock in the adult labor force can raise family incomes in a way that tends
to reduce child labor. Thus, wokers’ mobility across national borders may have an
ambiguous impact on child labor through chages in the competitive labor market.
We use an original dataset, which combines information on international migra-
tion out-flows from a wide range of developing countries with detailed individual- and
household-level survey data on child labor in each country, to investigate children’s
work response to out-migration shocks, accounting for the skill composition of both
the migrant and the resident labor force. In this way we aim at assessing the impact

of international emigration on child labor through a labor market effect.
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By using variation in the emigration supply shocks across labor market units de-
fined on the basis of both geography and skill (i.e. by country and educational level),
we estimate a set of child labor equations where the variable of interest is the inter-
active effect between individual (parental) skill and country-level emigration rates.
We measure the latter in different ways as to best capture the emigration-induced
local labor market pressure, namely through (i) an aggregate emigration rate in the
total population; (ii) the emigration rate by skill in the same skill sub-population;
(iii) the relative skill composition of emigrants relative to the resident population -
whereby the latter is the most direct measure of the labor market competition effect
of emigration.

Overall, our findings show that international out-migration may significantly re-
duce or offset the potential increase of child labor associated with low parental ed-
ucation, i.e. with poor labor market conditions. Indeed, ceteris paribus, low-skilled
households heads are more likely to send their children to work, but this effect is
strongly negative and significant the higher is the emigration rate. By decomposing
the latter by skill, we show that this results is driven by the share of low-skilled
emigrants out of the total resident low-skilled population.

Moreover, we use a direct measure of the emigration-induce labor market effect
by using the relative skill composition (RSC) of emigrants with respect to resident
workers at origin. We find that the labor market mechanism continue to play a key
and robust role in child labor outcomes, after controlling for a large set of individual-
level characteristics, interactive effects of remittances, and country fixed effects. In
particular, our estimates show that the cross-country variation in the correlation
between parental skill and child labor is related to differences in the skill composition
of emigration relative to stayers across countries of origin. Low-skilled household
heads are less likely to send their children to work in countries where the relative
skill composition of emigrants to residents is lower. This is to say that the labor
market impact of emigration may improve children’s outcomes as well.

By estimating the same equation across heterogenous sub-samples, we find that

children who benefit more by the outmigration shock are younger kids, boys and
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children living in poorer households. Moreover, by using the labor supply shifts
in education-gender groups induced by emigration, we show that on average female
outmigration shocks have a higher impact on mitigating child labor, and the effect is
stronger in female headed housheolds. All estimated results are robust to the use of
alternative indicators of the contemporaneous emigration supply shocks such as the
net emigration flows and 10-years lagged emigration stocks.

To conclude, this paper adds up to recent evidence on the labor market impact of
emigration on households left behind and on the relationship between globalization,
growth, and poverty in developing countries. Overall, our findings point to a signifi-
cant role of international outmigration in shaping child labor in countries of origin. If
poverty and child labor reduction are policy goals, improving labor market integra-
tion and removing barriers to international migration may deliver some development

results.
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Table 1 — Country level summary statistics (2000)

Albania

Angola

Azerbaijan

Bolivia

Bosnia and Herzegovina
Burundi

Cameroon

Central African Republic
Chad

Comoros

Congo, Dem. Rep. of the
Cote d'lvoire
Dominican Republic
Equatorial Guinea
Gambia, The
Guinea-Bissau

Guyana

Iraq

Kenya

Laos

Lesotho

Madagascar

Moldova

Mongolia

Niger

Philippines

Rwanda

Sao Tome and Principe
Senegal

Sierra Leone

Sudan

Swaziland

Tajikistan

Togo

Trinidad and Tobago
Uzbekistan

Venezuela

Vietnam

Mean
St. dev
Min
Max

Child Labor

(%)

59
78
63
86
60
87
88
89
88
70
56
78
67
87
61
87
80
48
78
72
74
26
89
92
91
83
85
82
91
90
59
86
75
90
57
81
66
62

73
15
26
92

Migration rate
(%)

19
1
1
2

16

0.4
1

0.4

0.1

11
0.1
47

Skilled Low-skilled
migration rate migration rate
(%) (%)
17 18
4 1
2 0.4
6 1
20 15
9 0.1
17 0.3
7 0.2
9 0.04
21 4
15 0.2
6 0.4
22 10
21 2
68 2
28 3
89 28
11 1
39 0.4
37 8

4 0.03
8 0.2
4 1
7 0.1
6 0.03
14 2
32 0.1
27 10
17 2
49 1
7 0.1
5 0.2
1 0.2
16 1
79 13
1 0.2
4 0.3
27 2
20 4
21 8
0.6 0.03
89.2 37

RSC Index

0.87
0.74
0.52
0.1
0.78
0.04
0.07
0.07
0.02
0.49
0.12
0.24
0.4
0.09
0.11
0.25
0.29
0.25
0.05
0.37
0.05
0.1
0.69
0.03
0.02
0.23
0.01
0.61
0.21
0.03
0.05
0.15
0.69
0.14
0.29
0.58
0.06
0.13

0.21
0.25
0.01
0.87

Remittances
(as % of GDP)

16.22

1.08
151
0.03

0.11

5.94

1.14
0.01

3.33
0.93
3.79

4.24
0.06
33.78
0.28
13.9
1.06
0.78
0.01
0.4

4.97
11
5.18
4.97

2.56
0.47

0.01
0.01

3.85
6.99
0.001
33.78

Note : (a) The total migration rates are the stock of emigrants divided by total population in 2000 (including migrants). (b) The skilled
(low-skilled) migration rates are the stock of college (primary-school) educated emigrants relative to the similarly educated total
population (including migrants). (c) The Relative Skill Composition (RSC) index is the ratio of unskilled to skilled labor in the migrant

relative to the resident population.



Table 2 — Child-level summary statistics

Working children  Non-working children All
mean sd min max mean sd min max mean sd min max

Age 10.08 287 5 15 8 277 5 15| 952 299 5 15
Male (%) 48 57 50

Household Head (HhH) with

primary education (%) 30 29 29

Children ever been in school

(%) 72 60 69

Children living with the

mother (%) 88 93 89

Children living with the father

(%) 81 86 82

Children in Hh <5 y.o. 227 201 1 10| 215 166 1 10| 224 192 1 10
Female adults in Hh 215 178 1 10 2 15 1 10 211 172 1 10
Hh size 883 52 1 30| 833 453 1 30| 869 503 1 30
Birth order 267 183 1 10 3 189 1 10| 277 185 1 10
Wealth index distribution®:

1st quintile 0.24 0.21 0.23

2nd quintile 0.21 0.2 0.21

3rd quintile 0.2 0.2 0.2

4th quintile 0.18 0.2 0.19

5th quintile 0.17 0.19 0.18

Children living in urban areas

(%) 34 43 36

Child labor (last week) (%) 73

Child labor in market work

(%) 32

Child labor in family business

(%) 26

Child labor in chores (%) 68

Children attending school (last

year) (%) 81

Children attending school &

working (generic work) (%) 63

Total obs. 285127 104821 389948

Notes : (a) The wealth index is a measure of household socio-economic status based on the factor analysis



Figure 1 - Scatter plot of the correlation between country-level incidence of child labor and the RSC index
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Table 3 - Individual determinants of child labor

@ ) 3 ON ®) QN (7 ©)) ©)
Total Market Hours in Family HOM? n Hours in School
Any work  hours of market . family Chores
work business . chores attendance
work work business

HhH low-skilled 0.017***  0.816* 0.016** 0.324 0.018** 0.120  0.018*** 0.398*** -0.028***
(0.005) (0.446) (0.007) (0.301) (0.008) (0.247) (0.004) (0.145) (0.006)

Age 0.045***  2.434*** (0,033*** 1.020*** 0.030*** 0.764*** 0.040*** 1.067***  0.040***
(0.005) (0.195) (0.002) (0.104) (0.002) (0.087) (0.005) (0.106) (0.003)

Male -0.078***  -0.581  0.035*** 1.394*** (.035*** 1.072*** -0.125*** -2.807***  0.016**
(0.017) (0.405) (0.010) (0.347) (0.012) (0.339) (0.024) (0.446) (0.007)

Ever in school 0.060*** -2.010** 0.003  -1.436*** 0.001 -1.113*** 0.067*** -0.606*  0.614***
(0.010) (0.745) (0.009) (0.384) (0.008) (0.365) (0.010) (0.355) (0.018)
HhH male 0.010* 0.972*** 0.014** 0.431*** 0.021*** 0.394*** (0.012* 0.323** -0.006
(0.005) (0.246) (0.006) (0.126) (0.007) (0.130) (0.006) (0.158) (0.004)

Mother lives at -0.011***  -0.423 -0.000 -0.119 0.007 0.084 -0.005  -0.440**  0.028***
home (0.004) (0.263) (0.006) (0.162) (0.005) (0.122) (0.004) (0.179) (0.006)
-0.006 0.273 0.001 0.297 0.005 0.371** -0.009**  -0.125 0.010**

Father lives at home (0.004) (0.419) (0.007) (0.178) (0.006) (0.156) (0.004) (0.200) (0.005)
N. of siblings aged -0.001 0.151 0.003* 0.095 0.003** 0.069 -0.001 0.029 0.003
5-15 (0.001) (0.096) (0.002) (0.066) (0.002) (0.056) (0.001) (0.025) (0.002)

N. of children <5 0.004**  0.200**  0.002* 0.048 0.001 0.011 0.004**  0.155*** -0.008***
y.0. at home (0.001) (0.094) (0.001) (0.050) (0.001) (0.057) (0.002) (0.048) (0.003)
N. of female adults -0.010*** -0.311*** -0.001 -0.081 -0.001 -0.100* -0.008*** -0.246*** -0.000
at home (0.002) (0.101) (0.003) (0.070) (0.002) (0.056) (0.003) (0.059) (0.001)
Household size 0.002 0.174* 0.002 0.085 0.002 0.099** 0.000 0.043 0.000
(0.001) (0.091) (0.002) (0.056) (0.002) (0.043) (0.001) (0.035) (0.001)
Birth order -0.004 -0.681*** -0.008*** -0.294** -0.006** -0.212** -0.004 -0.318*** 0.001
(0.004) (0.207) (0.003) (0.1112) (0.003) (0.091) (0.003) (0.081) (0.004)

Urban area -0.052*** -5359*** .0 123*** -2593*** -(0,132*** -2514*** -0.032*** -1.146*** (.032***
(0.006) (0.666) (0.015) (0.433) (0.017) (0.404) (0.005) (0.137) (0.007)

Wealth index:

1st quantile 0.074*** 5989*** (,129*** 3.174*** (.134*** 2.621*** 0.046*** 1.372*** -0.103***
(0.011) (0.616) (0.016) (0.464) (0.018) (0.384) (0.010) (0.290) (0.013)

2nd quantile 0.053*** 4597*** (0.099*** 2.434*** (.104*** 1.904*** 0.038*** 0.944*** -0.077***
(0.009) (0.780) (0.018) (0.510) (0.019) (0.438) (0.011) (0.266) (0.014)

3rd quantile 0.045*** 3.712*** 0.086*** 1.866*** 0.085*** 1.376*** 0.032*** 0.802*** -0.050***
(0.009) (0.831) (0.019) (0.476) (0.020) (0.414) (0.009) (0.242) (0.009)

4th quantile 0.022*** 2.263*** 0.047*** 1.129** 0.050*** 0.827** 0.018** 0.519** -0.032***
(0.008) (0.716) (0.014) (0.417) (0.015) (0.372) (0.007) (0.250) (0.006)

Constant 0.292*** -7.700%** -0.071*** -5474*** -0,124*** -4,293*** (.328***  (0.056 -0.176***
(0.046) (1.714) (0.023) (1.123) (0.026) (0.879) (0.046) (0.838) (0.031)

Observations 247,975 246,738 249,594 249,348 247,992 247,974 248,451 248,214 168,841
R-squared 0.258 0.244 0.239 0.132 0.216 0.113 0.241 0.177 0.219

Robust standard errors are reported in parentheses, clustered at the country level. *** p<0.01, ** p<0.05, * p<0.1
Notes: Dependent variables are dichotomous indicators as well as continuous variables (i.e. hours) for work supply in the last week. School
attendance is a dichotomous variable referred to the last year. The sample includes children aged 5-14 in 38 countries. The table reports linear
probability model results. Reference categories for reported dummy variables are “higher education (i.e. more than primary)’, ‘female’, ‘female
household's head', ‘rural area’. Other controls include dummies for missing information on household head's education, wealth index,
rural/urban area and country fixed effects.



Table 4 - Migration outflows and child labor (largest sample)

@ (2 ©)) ON ®) ON (7 ) ©)
Total hours  Market Hours in Family Hour_s n Hours in School
Any work market . family Chores
of work work business . chores  attendance
work business
Mig. rate*HhH -0.120**  -7.297* -0.093 -2.987 -0.108 -2.179 -0.119**  -3.065** 0.077*
low-skill (0.051) (3.874) (0.074) (2.463) (0.085) (1.949) (0.047) (1.239) (0.041)
HhH low-skilled 0.021*** 1.029* 0.018** 0.411 0.021** 0.184 0.022***  0.487*** -0.031***
(0.006) (0.518) (0.009) (0.359) (0.010) (0.290) (0.005) (0.159) (0.007)
Age 0.045***  2.433*** (0.033*** 1.020*** 0.030*** 0.764*** 0.040*** 1.067*** 0.040***
(0.005) (0.195) (0.002) (0.104) (0.002) (0.087) (0.005) (0.106) (0.003)
Male -0.078***  -0.581 0.035***  1.394***  (0,035*** 1.072*** -0.125*** -2.807*** 0.016**
(0.017) (0.405) (0.010) (0.347) (0.012) (0.339) (0.024) (0.446) (0.007)
Ever in school 0.060***  -2,005** 0.003 -1.434%** 0.001 -1.112***  0.067***  -0.605*  0.614***
(0.010) (0.747) (0.009) (0.385) (0.008) (0.365) (0.010) (0.355) (0.018)
HhH male 0.010* 0.981***  0.014**  0.434*** 0.021*** (.397*** 0.012* 0.327** -0.006
(0.005) (0.245) (0.006) (0.125) (0.007) (0.129) (0.006) (0.157) (0.004)
Mother lives at -0.011***  -0.425 -0.000 -0.120 0.007 0.084 -0.005 -0.441**  0.028***
home (0.004) (0.263) (0.006) (0.162) (0.005) (0.122) (0.004) (0.179) (0.006)
Father lives at -0.006 0.271 0.001 0.296 0.005 0.371**  -0.009** -0.126 0.010**
home (0.004) (0.420) (0.007) (0.178) (0.006) (0.156) (0.004) (0.200) (0.005)
N. of siblings aged  -0.001 0.151 0.003* 0.096 0.003** 0.069 -0.001 0.029 0.003
5-15 (0.001) (0.095) (0.002) (0.066) (0.002) (0.056) (0.001) (0.025) (0.002)
N. of children <5 0.004** 0.199** 0.002* 0.047 0.001 0.010 0.004**  0.1564*** -0.008***
y.0. at home (0.001) (0.094) (0.001) (0.050) (0.001) (0.057) (0.002) (0.048) (0.003)
N. of female -0.010*** -0.311***  -0.001 -0.081 -0.001 -0.100*  -0.008*** -0.246***  -0.000
adults at home (0.002) (0.100) (0.003) (0.070) (0.002) (0.056) (0.003) (0.059) (0.001)
Household size 0.002 0.175* 0.002 0.085 0.002 0.099** 0.000 0.043 0.000
(0.001) (0.091) (0.002) (0.056) (0.002) (0.043) (0.001) (0.035) (0.001)
Birth order -0.004 -0.681*** -0.008*** -0.294**  -0.006** -0.212** -0.004 -0.319*** 0.001
(0.004) (0.207) (0.003) (0.111) (0.003) (0.091) (0.003) (0.081) (0.004)
Urban area -0.052***  5357*** -0,123*** -2502*** _0,132*** -2513*** -0,032*** -1.145*** (.032***
(0.006) (0.665) (0.015) (0.433) (0.017) (0.404) (0.005) (0.137) (0.007)
Wealth index
1st quantile 0.074***  5987*** (,129*** 3.173*** (0.134*** 2.621*** 0.046*** 1.371*** -0.103***
(0.011) (0.617) (0.016) (0.464) (0.018) (0.384) (0.010) (0.290) (0.013)
2nd quantile 0.053***  4589***  (0.099*** 2431*** (0.104*** 1.902*** 0.038*** 0.941*** -0.077***
(0.009) (0.780) (0.018) (0.509) (0.019) (0.437) (0.011) (0.266) (0.014)
3rd quantile 0.045***  3,702***  0.086*** 1.862*** (0.085*** 1.373*** (0.032*** 0.798*** -0.050***
(0.009) (0.830) (0.019) (0.474) (0.020) (0.412) (0.009) (0.242) (0.009)
4th quantile 0.022%**  2.252%**  (,047***  1.125**  0.050***  0.824** 0.017** 0.515**  -0.032***
(0.008) (0.716) (0.014) (0.416) (0.015) (0.371) (0.007) (0.250) (0.006)
Constant 0.292%**  _7.724%** _0.071*** -5484*** -0.125*** -4.300*** (.327*** 0.045 -0.176***
(0.046) (1.717) (0.023) (1.125) (0.027) (0.881) (0.046) (0.839) (0.031)
Observations 247,975 246,738 249,594 249,348 247,992 247,974 248,451 248,214 168,841
R-squared 0.258 0.244 0.239 0.132 0.216 0.113 0.241 0.177 0.219

Robust standard errors are reported in parentheses, clustered at the country level. *** p<0.01, ** p<0.05, * p<0.1
Notes: Dependent variables are dichotomous indicators as well as continuous variables (i.e. hours) for work supply in the last week. School
attendance is a dichotomous variable referred to the last year. The sample includes children aged 5-14 in 38 countries. The table reports linear
probability model results. Reference categories for reported dummy variables are “higher education (i.e. more than primary)’, ‘female’, ‘female
household's head', ‘rural area’. Other controls include dummies for missing information on household head's education, wealth index, rural/urban
area and country fixed effects.



Table 5 - Migration outflows and child labor (smallest sample)

@ ) ®) (4) ©) (6) ) ®) 9) (10)
Any work Market work Family business Chores School attendance
Mig. rate*HhH low-skill -0.125** -0.121** -0.060 -0.057 -0.086 -0.082 -0.130** -0.125** 0.019 0.027
(0.058) (0.057) (0.070) (0.070) (0.077) (0.075) (0.050) (0.048) (0.068) (0.064)
Remittances*HhH low-skilled 0.000 0.000 0.000 0.000 0.001*
(0.001) (0.001) (0.001) (0.001) (0.000)
HhH low-skilled 0.020*** 0.018** 0.010 0.008 0.015 0.013 0.024*** 0.022*** -0.019***  -0.023***
(0.007) (0.007) (0.011) (0.012) (0.010) (0.0112) (0.005) (0.006) (0.006) (0.008)
Age 0.040*** 0.040*** 0.031*** 0.031*** 0.029*** 0.029*** 0.035*** 0.035*** 0.041*** 0.041***
(0.004) (0.004) (0.003) (0.003) (0.003) (0.003) (0.003) (0.003) (0.003) (0.003)
Male -0.059***  -0.059*** 0.043*** 0.043*** 0.045*** 0.045*** -0.105***  -0.105*** 0.005 0.005
(0.015) (0.015) (0.010) (0.010) (0.014) (0.014) (0.019) (0.019) (0.004) (0.004)
Ever in school 0.062*** 0.062*** 0.000 0.000 0.001 0.001 0.069*** 0.069*** 0.755*** 0.756***
(0.012) (0.012) (0.009) (0.009) (0.009) (0.009) (0.012) (0.012) (0.011) (0.0112)
HhH male 0.010 0.010 0.016** 0.016** 0.022** 0.022** 0.010 0.010 -0.004 -0.004
(0.006) (0.006) (0.008) (0.008) (0.008) (0.008) (0.007) (0.007) (0.004) (0.004)
Mother lives at home -0.009* -0.009* -0.001 -0.001 0.005 0.005 -0.004 -0.004 0.030*** 0.030***
(0.005) (0.005) (0.008) (0.008) (0.007) (0.007) (0.006) (0.006) (0.007) (0.007)
Father lives at home -0.008 -0.008 -0.001 -0.001 0.005 0.005 -0.012** -0.011** 0.007 0.007
(0.005) (0.005) (0.009) (0.009) (0.008) (0.008) (0.005) (0.005) (0.006) (0.006)
N. of siblings aged 5-15 -0.001* -0.001* 0.003 0.003 0.003* 0.003* -0.002 -0.002 0.002 0.002
(0.001) (0.001) (0.002) (0.002) (0.002) (0.002) (0.001) (0.001) (0.002) (0.002)
N. of children <5 y.o. at home 0.004** 0.004** 0.002 0.002 0.001 0.001 0.004** 0.004** -0.007** -0.007**
(0.002) (0.002) (0.001) (0.001) (0.002) (0.002) (0.002) (0.002) (0.003) (0.003)
N. of female adults at home -0.010***  -0.010*** -0.002 -0.002 -0.002 -0.002 -0.008***  -0.008*** 0.000 0.000
(0.002) (0.002) (0.003) (0.003) (0.003) (0.003) (0.002) (0.002) (0.001) (0.001)
Household size 0.003 0.003 0.003 0.003 0.002 0.002 0.001 0.001 -0.000 -0.000
(0.002) (0.002) (0.002) (0.002) (0.002) (0.002) (0.002) (0.002) (0.001) (0.001)
Birth order -0.002 -0.002 -0.006* -0.006* -0.005 -0.005 -0.003 -0.003 0.003 0.003
(0.004) (0.004) (0.003) (0.003) (0.004) (0.004) (0.004) (0.004) (0.005) (0.005)
Urban area -0.053***  -0.053***  -0.121***  -0.121***  -0.131***  -0.131***  -0.036***  -0.036*** 0.022*** 0.022***
(0.008) (0.008) (0.021) (0.021) (0.024) (0.024) (0.007) (0.007) (0.007) (0.007)
Constant 0.318*** 0.318*** -0.076** -0.076** -0.134***  -0.134*** 0.355*** 0.355*** -0.296***  -0.297***
(0.037) (0.037) (0.031) (0.031) (0.036) (0.036) (0.037) (0.037) (0.031) (0.031)
Observations 163,343 163,343 164,810 164,810 163,413 163,413 163,804 163,804 110,320 110,320
R-squared 0.224 0.224 0.212 0.212 0.207 0.207 0.204 0.204 0.128 0.128

Robust standard errors are reported in parentheses, clustered at the country level. *** p<0.01, ** p<0.05, * p<0.1

Notes: Dependent variables are dichotomous indicators for work supply in the last week. School attendance is a dichotomous variable referred to the last year. The sample includes children aged 5-14 and 28
countries (i.e. those for which remittances are available). The table reports linear probability model results. Reference categories for reported dummy variables are ‘higher education (i.e. more than primary)’,
‘female’, 'female household's head', ‘rural area’. Other controls include dummies for missing information on household head's education, wealth index, rural/urban area and country fixed effects.



Table 6 - Skill composition of migration outflows and child labor (largest sample)

@ (2 3 ON ®) ON (7 ©)) ©)
Total hours  Market Hours in Family Hour_s n Hours in School
Any work market . family Chores
of work work business . chores  attendance
work business
Mig. low- -0.166**  -10.092* -0.128 -3.793 -0.149 -2.899 -0.159**  -4.303** 0.091

skil*HhH low-  (0.064)  (5.051)  (0.098)  (3.229)  (0.112)  (2592)  (0.061)  (1.714)  (0.059)
HhH low-skilled ~ 0.020%**  1.013*  0.018** 0398  0.020%**  0.177  0.021*** 0.482%** -0,031***
(0.006)  (0.507)  (0.009)  (0.353)  (0.009)  (0.286)  (0.004)  (0.156)  (0.007)

Age 0.045%**  2.433%*%  (033%%*  1020%%* 0.030%** 0.764%%% 0.040%** 1.067***  0.040%**
(0.005)  (0.195)  (0.002)  (0.104)  (0.002)  (0.087)  (0.005)  (0.106)  (0.003)
Male -0.078%** 0581  0.035%%* 1394%%x (035%** 1072%%* -0.125%%* -2.806%** 0.016**

(0.017)  (0.405)  (0.010)  (0.347)  (0.012)  (0.339)  (0.024)  (0.446)  (0.007)
Everinschool — 0.060%** -2.005%*  0.003  -1.434*** 0001  -1112%%* 0067*** -0.605%  0.614%**
(0.010)  (0.747)  (0.009)  (0.385)  (0.008)  (0.365)  (0.010)  (0.355)  (0.018)

HhH male 0.010* 0.982***  0.014**  0.434*** 0.021*** (0.397*** 0.012* 0.327** -0.006
(0.005) (0.245) (0.006) (0.125) (0.007) (0.129) (0.006) (0.158) (0.004)
Mother lives at -0.011***  -0.425 -0.000 -0.120 0.007 0.084 -0.005 -0.441**  0.028***
home (0.004) (0.263) (0.006) (0.162) (0.005) (0.122) (0.004) (0.179) (0.006)
Father lives at -0.006 0.271 0.001 0.296 0.005 0.371**  -0.009** -0.126 0.010**
home (0.004) (0.420) (0.007) (0.178) (0.006) (0.156) (0.004) (0.200) (0.005)
N. of siblings -0.001 0.151 0.003* 0.096 0.003** 0.069 -0.001 0.029 0.003
aged 5-15 (0.001) (0.095) (0.002) (0.066) (0.002) (0.056) (0.001) (0.025) (0.002)
N. of children <5  0.004** 0.199** 0.002* 0.047 0.001 0.010 0.004**  0.154*** -0.008***
y.0. at home (0.001) (0.094) (0.001) (0.050) (0.001) (0.057) (0.002) (0.048) (0.003)
N. of female -0.010*** -0.311***  -0.001 -0.081 -0.001 -0.100*  -0.008*** -0.246***  -0.000
adults at home (0.002) (0.100) (0.003) (0.070) (0.002) (0.055) (0.003) (0.059) (0.001)
Household size 0.002 0.175* 0.002 0.085 0.002 0.099** 0.000 0.043 0.000
(0.001) (0.091) (0.002) (0.056) (0.002) (0.043) (0.001) (0.035) (0.001)
Birth order -0.004  -0.681*** -0.008*** -0.294**  -0.006** -0.212** -0.004  -0.319*** 0.001
(0.004) (0.207) (0.003) (0.111) (0.003) (0.091) (0.003) (0.081) (0.004)
Urban area -0.052*%** 5357*** _0,123*** .2 592*** _(,132*** -2513*%** _0,032*** -1145*** (.032***
(0.006) (0.665) (0.015) (0.433) (0.017) (0.404) (0.005) (0.137) (0.007)
Wealth index
1st quantile 0.074***  5986***  (0.129***  3.173***  (0.134***  2.620***  0.046*** 1.371*** -0.103***
(0.011) (0.617) (0.016) (0.464) (0.018) (0.384) (0.010) (0.290) (0.013)
2nd quantile 0.053***  4588***  (0.099***  2.430*** (0.104*** 1.902*** 0.038*** 0.941*** -0.077***
(0.009) (0.780) (0.018) (0.509) (0.019) (0.437) (0.011) (0.266) (0.014)
3rd quantile 0.045***  3,702***  0.086*** 1.862*** (0.085*** 1.373*** (0.032*** 0.797*** -0.050***
(0.009) (0.830) (0.019) (0.475) (0.020) (0.412) (0.009) (0.242) (0.009)
4th quantile 0.022***  2.252***  (0,047***  1.125**  0.050***  (0.824** 0.017** 0.515**  -0.032***
(0.008) (0.716) (0.014) (0.416) (0.015) (0.371) (0.007) (0.250) (0.006)
Constant 0.292*%**  .7.722*%** .0.071*** -5483*** -0,125*** -4.300*** 0.327*** 0.046 -0.176***
(0.046) (1.717) (0.023) (1.125) (0.027) (0.881) (0.046) (0.840) (0.031)
Observations 247,975 246,738 249,594 249,348 247,992 247,974 248,451 248,214 168,841
R-squared 0.258 0.244 0.239 0.132 0.216 0.113 0.241 0.177 0.219

Robust standard errors are reported in parentheses, clustered at the country level. *** p<0.01, ** p<0.05, * p<0.1

Notes: Dependent variables are dichotomous indicators as well as continuous variables (i.e. hours) for work supply in the last week.School
attendance is a dichotomous variable referred to the last year. The sample includes children aged 5-14 in 38 countries. The table reports linear
probability model results. Reference categories for reported dummy variables are “higher education (i.e. more than primary)’, ‘female’, ‘female
household's head', ‘rural area’. Other controls include dummies for missing information on household head's education, wealth index, rural/urban
area and country fixed effects.



Table 7 - Migration relative skill composition (RSC) and child labor (largest sample)

@ ) 3 ON ®) ON (7 ) ©)
Total hours  Market Hours in Family HOM? n Hours in School
Any work market . family Chores
of work work business . chores  attendance
work business
RSC*HhH low-  -0.072*** -5798**  -0.068* -2.387 -0.079* -2.017 -0.068*** -2.095***  -0.005
skill (0.020) (2.384) (0.036) (1.560) (0.041) (1.240) (0.019) (0.677) (0.026)
HhH low-skilled  0.029***  1.739***  (.027** 0.704 0.030** 0.442 0.029***  (0.733*** -0.028***
(0.007) (0.617) (0.010) (0.432) (0.012) (0.316) (0.005) (0.191) (0.008)
Age 0.045***  2,432***  0,033*** 1.019*** 0.030*** 0.763*** 0.040*** 1.067*** 0.040***
(0.005) (0.195) (0.002) (0.104) (0.002) (0.087) (0.005) (0.106) (0.003)
Male -0.078***  -0.579 0.035***  1,395***  (,035*** 1.072*** -0.125*** -2.806*** 0.016**
(0.017) (0.405) (0.010) (0.347) (0.012) (0.339) (0.024) (0.446) (0.007)
Ever in school 0.060***  -2.005** 0.003 -1.434%** 0.001 -1.111***  0.067***  -0.605*  0.614***
(0.010) (0.747) (0.009) (0.384) (0.008) (0.365) (0.010) (0.355) (0.018)
HhH male 0.010* 0.962***  0.014**  0.426*** 0.020*** (0.390*** 0.012* 0.320* -0.006
(0.005) (0.244) (0.006) (0.125) (0.007) (0.129) (0.006) (0.158) (0.004)
Mother lives at -0.011***  -0.426 -0.000 -0.120 0.007 0.083 -0.005 -0.441**  0.028***
home (0.004) (0.261) (0.006) (0.161) (0.005) (0.121) (0.004) (0.178) (0.006)
Father lives at -0.006 0.275 0.001 0.298 0.005 0.372**  -0.009** -0.124 0.010**
home (0.004) (0.419) (0.007) (0.177) (0.006) (0.156) (0.004) (0.200) (0.005)
N. of siblings -0.001 0.152 0.003* 0.096 0.003** 0.070 -0.001 0.029 0.003
aged 5-15 (0.001) (0.095) (0.002) (0.066) (0.002) (0.056) (0.001) (0.025) (0.002)
N. of children <5  0.004** 0.196** 0.002* 0.046 0.001 0.010 0.004**  0.154*** -0.008***
y.0. at home (0.001) (0.094) (0.001) (0.050) (0.001) (0.056) (0.002) (0.048) (0.003)
N. of female -0.010*** -0.311***  -0.001 -0.081 -0.001 -0.100*  -0.008*** -0.246***  -0.000
adults at home (0.002) (0.100) (0.003) (0.070) (0.002) (0.055) (0.003) (0.059) (0.001)
Household size 0.002 0.176* 0.002 0.086 0.002 0.100** 0.000 0.044 0.000
(0.001) (0.090) (0.002) (0.056) (0.002) (0.043) (0.001) (0.035) (0.001)
Birth order -0.004 -0.685*** -0.008*** -0.296** -0.006** -0.214** -0.004 -0.320*** 0.001
(0.004) (0.207) (0.003) (0.111) (0.003) (0.091) (0.003) (0.081) (0.004)
Urban area -0.052*** .5 355*** .(,123*** -2591*** -0,132*** -2512*** -0,032*** -1.144*** (.032***
(0.006) (0.663) (0.015) (0.431) (0.017) (0.403) (0.005) (0.137) (0.007)
Wealth index
1st quantile 0.074***  5,983***  (0,129*** 3.172*** (0.134*** 2.619*** 0.046*** 1.370*** -0.103***
(0.011) (0.616) (0.016) (0.463) (0.018) (0.384) (0.010) (0.290) (0.013)
2nd quantile 0.053***  4,583***  (0.099*** 2428*** (0.104*** 1.900*** 0.038***  0.940*** -0.077***
(0.009) (0.777) (0.018) (0.507) (0.019) (0.436) (0.011) (0.266) (0.014)
3rd quantile 0.045***  3.696*** 0.086*** 1.859*** (.085*** 1.370*** (0.032*** 0.796*** -0.050***
(0.009) (0.832) (0.019) (0.475) (0.020) (0.413) (0.009) (0.243) (0.009)
4th quantile 0.022%**  2.247***  0.046***  1.123**  0.050***  0.822** 0.017** 0.514**  -0.032***
(0.008) (0.717) (0.014) (0.417) (0.015) (0.373) (0.007) (0.250) (0.006)
Constant 0.292%**  _7.696*** -0.071*** -5473*** -0.124*** -4292*** (,328*** 0.057 -0.176***
(0.046) (1.713) (0.023) (1.120) (0.026) (0.877) (0.046) (0.840) (0.031)
Observations 247,975 246,738 249,594 249,348 247,992 247,974 248,451 248,214 168,841
R-squared 0.258 0.245 0.239 0.132 0.216 0.113 0.241 0.177 0.219

Robust standard errors are reported in parentheses, clustered at the country level. *** p<0.01, ** p<0.05, * p<0.1

Notes: Dependent variables are dichotomous indicators as well as continuous variables (i.e. hours) for work supply in the last week. School
attendance is a dichotomous variable referred to the last year. The sample includes children aged 5-14 in 38 countries. The table reports linear
probability model results. The Relative Skill Composition (RSC) index is the ratio of low-skilled to skilled labor in the migrant relative to the
resident population. Reference categories for reported dummy variables are ‘higher education’, ‘female’, ‘female household's head', ‘rural area’.
Other controls include dummies for missing information on household head's education, wealth index, rural/urban area and country fixed effects.



Table 8 - Migration relative skill composition (RSC) and child labor (smallest sample)

1) ) (©) (4) () (6) () ) 9) (10)
Any work Market work Family business Chores School attendance
RSC*HhH low -0.089*** -0.087***  -0.070 -0.068 -0.085 -0.083  -0.073** -0.070**  -0.055 -0.049
skill (0.031) (0.031) (0.052) (0.052) (0.059) (0.059)  (0.029) (0.029) (0.033) (0.031)
Remittances*Hh 0.000 0.000 0.000 0.000 0.001
H low-skilled (0.001) (0.001) (0.001) (0.001) (0.000)
0.028*** 0.027***  0.017 0.016 0.024* 0.022*  0.030*** 0.028*** -0.011 -0.014*
HhH low-skilled (0.007) (0.008) (0.011) (0.013) (0.012) (0.013)  (0.007) (0.008) (0.007) (0.008)
Age 0.040*** 0.040*** 0.031*** 0.031*** 0.029*** 0.029*** 0.035*** 0.035*** 0.041*** (.041***
(0.004) (0.004) (0.003) (0.003) (0.003) (0.003)  (0.003) (0.003) (0.003) (0.003)
Male -0.059*** -0.059*** (.043*** (0.043*** 0.045*** 0.045*** -0.105*** -0.105***  0.005 0.005
(0.015) (0.015) (0.010) (0.010) (0.014) (0.014) (0.019) (0.019) (0.004) (0.004)
Ever inschool  0.062*** 0.062***  0.000 0.000 0.001 0.001  0.069*** (.069*** (.755%** (.755***
(0.012) (0.012) (0.009) (0.009) (0.009) (0.009) (0.012) (0.012) (0.011) (0.011)
HhH male 0.010 0.010 0.016** 0.016** 0.022** 0.022**  0.010 0.010 -0.004 -0.004
(0.006) (0.006) (0.008) (0.008) (0.008) (0.008)  (0.007) (0.007)  (0.004) (0.004)
Mother livesat ~ -0.009*  -0.009* -0.002 -0.002 0.005 0.005 -0.004  -0.004 0.030*** 0.030***
home (0.005) (0.005) (0.008) (0.008) (0.007) (0.007)  (0.006) (0.006) (0.007) (0.007)
Father lives at -0.008 -0.008 -0.001 -0.001 0.005 0.005 -0.011** -0.011**  0.007 0.007
home (0.005) (0.005) (0.009) (0.009) (0.008) (0.008)  (0.005) (0.005) (0.006) (0.006)
N. of siblings -0.001*  -0.001* 0.003 0.003 0.003* 0.003* -0.002  -0.002 0.002 0.002
aged 5-15 (0.001) (0.001) (0.002) (0.002) (0.002) (0.002) (0.001) (0.001) (0.002) (0.002)
N. of children 0.004**  0.004** 0.002 0.002 0.001 0.001 0.004** 0.004** -0.007** -0.007**
<5y.0.athome (0.002) (0.002) (0.001) (0.001) (0.002) (0.002)  (0.002) (0.002) (0.003) (0.003)
N. of female -0.010*** -0.010***  -0.002 -0.002 -0.002 -0.002  -0.008*** -0.008***  0.000 0.000
adults at home (0.002) (0.002) (0.003) (0.003) (0.003) (0.003) (0.002) (0.002) (0.001) (0.001)
Household size 0.003 0.003 0.003 0.003 0.002 0.002 0.001 0.001 -0.000 -0.000
(0.002) (0.002) (0.002) (0.002) (0.002) (0.002)  (0.002) (0.002) (0.001) (0.001)
Birth order -0.002 -0.002 -0.006*  -0.006* -0.005 -0.005 -0.003  -0.003 0.003 0.003
(0.004) (0.004) (0.003) (0.003) (0.004) (0.004)  (0.004) (0.004) (0.005) (0.005)
Urban area -0.053*** -0.053*** -0.121*** -0.121*** -0.131*** -0.131*** -0.036*** -0.036*** 0.022*** (.022***
(0.008) (0.008) (0.021) (0.021) (0.024) (0.024)  (0.007) (0.007) (0.007) (0.007)
Wealth index
1st quantile 0.083*** 0.083*** 0.130*** 0.130*** 0.140*** 0.140*** 0.055*** 0.055*** -0.115*** -0.115***
(0.014) (0.014) (0.020) (0.020) (0.022) (0.022) (0.014) (0.014) (0.017) (0.017)
2nd quantile 0.059*** 0.059*** 0.101*** (0.101*** (.113*** 0.113*** 0.038** 0.038** -0.089*** -0.089***
(0.013) (0.013) (0.018) (0.018) (0.020) (0.020) (0.015) (0.015) (0.017) (0.017)
3rd quantile 0.055*** 0.055*** 0.086*** 0.086*** 0.090*** 0.090*** 0.038*** 0.038*** -0.054*** -0.054***
(0.011) (0.011) (0.018) (0.018) (0.021) (0.021) (0.012) (0.012) (0.011) (0.011)
4th quantile 0.026*** 0.026*** 0.038*** (0.038*** (0.049*** 0.049*** 0.019** 0.019** -0.035*** -0.035***
(0.009) (0.009) (0.013) (0.013) (0.017) (0.017)  (0.009) (0.009) (0.007) (0.007)
Constant 0.319*** 0.319*** -0.075** -0.075** -0.133*** -0.133*** 0.356*** 0.356*** -0.296*** -0.296***
(0.037) (0.037) (0.031) (0.031) (0.036) (0.036) (0.037) (0.037) (0.031) (0.031)
Observations 163,343 163,343 164,810 164,810 163,413 163,413 163,804 163,804 110,320 110,320
R-squared 0.225 0.225 0.212 0.212 0.207 0.207 0.204 0.204 0.128 0.128

Robust standard errors are reported in parentheses, clustered at the country level. *** p<0.01, ** p<0.05, * p<0.1

Notes: Dependent variables are dichotomous indicators for work supply in the last week. School attendance is a dichotomous variable referred to
the last year. The sample includes children aged 5-14 in 28 countries (i.e. those for which remittances are available). The table reports linear
probability model results. The Relative Skill Composition (RSC) index is the ratio of low-skilled to skilled labor in the migrant relative to the
resident population. Reference categories for reported dummy variables are ‘higher education’, ‘female’, ‘female household's head', ‘rural area’.
Other controls include dummies for missing information on household head's education, wealth index, rural/urban area and country fixed effects.



Table 9 - Child labor response to migration across urban-rural areas (largest sample)

@ (2 3 ON ®) ON (7) ) ©)
Total hours  Market Hours in Family Hour_s n Hours in School
Any work market . family Chores
of work work business . chores  attendance
work business
Panel A: Urban area
RSC*HhH low- -0.063* -4.210**  -0.049* -1.966*  -0.061** -1.518** -0.067** -1.315** -0.003
skill (0.033) (1.589) (0.027) (0.980) (0.029) (0.662) (0.028) (0.594) (0.033)
HhH low-skilled  0.035***  1.777*** 0.029***  0.836** 0.032***  0.570** 0.035*** 0.639*** -0.028**
(0.010) (0.407) (0.009) (0.311) (0.010) (0.209) (0.008) (0.193) (0.011)
Constant 0.265*** -5209***  -0.061* -3.219*** -0.116*** -2.380*** 0.287*** -0.149 -0.257***
(0.044) (1.748) (0.031) (0.921) (0.040) (0.706) (0.046) (0.772) (0.031)
Observations 88,334 87,870 88,874 88,706 88,333 88,333 88,529 88,462 70,214
R-squared 0.266 0.204 0.204 0.089 0.153 0.071 0.252 0.175 0.182
Panel B: Rural area
RSC*HhH low-  -0.092***  -5.358* -0.052 -1.504 -0.061 -1.307 -0.086***  -2.683** -0.021
skill (0.024) (2.809) (0.037) (1.766) (0.040) (1.460) (0.024) (1.020) (0.028)
HhH low-skilled 0.030***  1.739** 0.022* 0.569 0.025** 0.339 0.028***  0.845***  -0.024**
(0.007) (0.708) (0.011) (0.433) (0.011) (0.323) (0.006) (0.252) (0.010)
Constant 0.282*** -11.459*** -0.131*** -8.073*** -0.190*** -6.803*** (0.335*** -0.158 -0.110%**
(0.054) (2.418) (0.044) (1.660) (0.040) (1.445) (0.048) (0.957) (0.039)
Observations 159,641 158,868 160,720 160,642 159,659 159,641 159,922 159,752 98,627
R-squared 0.251 0.249 0.241 0.141 0.220 0.120 0.235 0.175 0.236

Robust standard errors are reported in parentheses, clustered at the country level. *** p<0.01, ** p<0.05, * p<0.1

Notes: Dependent variables are dichotomous indicators as well as continuous variables (i.e. hours) for work supply in the last week. School
attendance is a dichotomous variable referred to the last year. The sample includes children aged 5-14 in 38 countries. The table reports linear

probability model results. The Relative Skill Composition (RSC) index is the log of the ratio of low-skilled to skilled labor in the migrant relative
to the resident population. Other controls are as in Table 4.



Table 10 - Child labor response to migration by child age (largest sample)

@) 2 @) QN Q) ©) () ®) 9)
Total hours  Market Hours in Family Hour_s n Hours in School
Any work market . family Chores
of work work business . chores  attendance
work business
Panel A: Children aged 5-9

RSC*HhH low-skill -0.106*** -5772*** -0,102**  -2.354*  -0.105**  -1.939*  -0.091*** -1.948***  0.022

(0.026) (1.958) (0.043) (1.196) (0.044) (1.026) (0.022) (0.514) (0.025)
HhH low-skilled 0.036***  1.442***  (0.030*** 0.532 0.034*** 0.339 0.035***  0.568*** -0.036***

(0.007) (0.507) (0.010) (0.318) (0.011) (0.250) (0.007) (0.143) (0.006)
Constant 0.107***  -9.106*** -0.086*** -4.608*** -0.146*** -4118*** 0.128*** -2.120*** -0.558***

(0.033)  (2.055)  (0.031)  (1.255)  (0.037)  (0.992)  (0.036)  (0.730)  (0.096)

Observations 142,677 142,136 143,793 143,665 142,780 142,777 143,098 143,004 80,239
R-squared 0.269 0.186 0.232 0.098 0.196 0.081 0.251 0.142 0.284
Panel B: Children aged 10-14

RSC*HhH low-skill -0.034 -5.654* -0.021 -2.301 -0.047 -2.080 -0.046*  -2.213** -0.029
(0.025) (3.107) (0.039) (2.144) (0.043) (1.595) (0.024) (1.038) (0.040)

HhH low-skilled 0.015**  2.129** 0.022* 0.957 0.025* 0.588 0.020***  0.949***  -0.023*
(0.007) (0.802) (0.011) (0.608) (0.013) (0.419) (0.007) (0.307) (0.013)

Constant 0.701*** 0.226 0.052 -4.690** 0.003 -2.828**  0.746***  6.021***  (0.292***

(0.037)  (2.706)  (0.043)  (1.890)  (0.039)  (1.355)  (0.027)  (0.828)  (0.073)

Observations 105,298 104,602 105,801 105,683 105,212 105,197 105,353 105,210 88,602
R-squared 0.163 0.231 0.219 0.141 0.211 0.127 0.185 0.154 0.134

Robust standard errors are reported in parentheses, clustered at the country level. *** p<0.01, ** p<0.05, * p<0.1

Notes: Dependent variables are dichotomous indicators as well as continuous variables (i.e. hours) for work supply in the last week. School attendance is a
dichotomous variable referred to the last year. The sample includes children aged 5-14 in 38 countries. The table reports linear probability model results.
The Relative Skill Composition (RSC) index is the log of the ratio of low-skilled to skilled labor in the migrant relative to the resident population. Other
controls are as in Table 4 with the exception of col.(9)-Panel A where we dropped the 'ever in school' control.



Table 11 - Child labor response to migration by child gender (largest sample)

@ (2 ©)) 4) ®) ON (7 ©)) ©)

Any work Total hours Market work Hours in Family |_|f(;lrjr:isl;/n Chores Hours in School

of work market work  business . chores attendance

business
Panel A: Males

RSC*HhH low-skill -0.064** -6.581** -0.086** -3.047 -0.104** -2.594* -0.057** -1.769** 0.011
(0.025) (2.706) (0.041) (1.818) (0.046) (1.470) (0.023) (0.659) (0.031)

HhH low-skilled 0.028*** 1.703** 0.035*** 0.802 0.037*** 0.480 0.025*** 0.455*** -0.030***
(0.008) (0.718) (0.012) (0.497) (0.013) (0.380) (0.006) (0.165) (0.009)

Constant 0.226*** -8.773***  -0.070***  -5811***  -0.108***  -4,269*** 0.258*** -1.012 -0.164***
(0.049) (1.618) (0.024) (1.191) (0.027) (0.936) (0.052) (0.891) (0.032)
Observations 124,799 124,139 125,663 125,557 124,863 124,852 125,034 124,833 87,592
R-squared 0.265 0.235 0.239 0.135 0.215 0.116 0.238 0.158 0.216

Panel B: Females

RSC*HhH low-skill -0.081*** -5.079** -0.049 -1.681 -0.055 -1.410 -0.081***  -255]1*** -0.021
(0.020) (2.186) (0.036) (1.402) (0.040) (1.144) (0.023) (0.758) (0.028)

HhH low-skilled 0.029*** 1.790%** 0.018* 0.595 0.024** 0.400 0.033*** 1.040%** -0.025***
(0.007) (0.558) (0.009) (0.398) (0.010) (0.299) (0.007) (0.248) (0.009)

Constant 0.280*** -7.328*** -0.037 -3.748***  -0.106***  -3.267*** 0.270*** -1.818 -0.170%**
(0.054) (2.009) (0.027) (1.258) (0.031) (0.969) (0.052) (1.101) (0.032)
Observations 123,176 122,599 123,931 123,791 123,129 123,122 123,417 123,381 81,249
R-squared 0.253 0.259 0.242 0.133 0.223 0.116 0.243 0.189 0.226

Robust standard errors are reported in parentheses, clustered at the country level. *** p<0.01, ** p<0.05, * p<0.1
Notes: Dependent variables are dichotomous indicators as well as continuous variables (i.e. hours) for work supply in the last week. School attendance is a dichotomous variable

referred to the last year. The sample includes children aged 5-14 in 38 countries. The table reports linear probability model results. The Relative Skill Composition (RSC) index is
the log of the ratio of low-skilled to skilled labor in the migrant relative to the resident population. Other controls are as in Table 4.



Table 12 - Child labor response to migration by household wealth (largest sample)

@ 2 ®) (4) ©) ON () ®) 9)

Any work Total hours Market work Hours in Family |_|f(;lrjr:isl;/n Chores Hours in School

of work market work  business . chores attendance

business
Panel A: Poorest wealth quintiles

RSC*HhH low-skill -0.115%** -5.162 -0.112** -1.711 -0.123** -1.620 -0.093*** -2.151* -0.011
(0.027) (3.383) (0.054) (2.314) (0.056) (1.909) (0.028) (1.063) (0.038)

HhH low-skilled 0.035*** 1.672* 0.029** 0.591 0.036** 0.437 0.032*** 0.771*** -0.025**
(0.007) (0.880) (0.014) (0.533) (0.014) (0.427) (0.007) (0.281) (0.012)

Constant 0.346***  -8.599*** -0.057 -6.944***  .0.071** -5.736***  0.394*** 0.410 -0.174%**
(0.053) (2.060) (0.042) (1.374) (0.033) (1.254) (0.047) (0.992) (0.041)
Observations 107,933 107,355 108,598 108,525 107,925 107,918 108,097 107,963 61,630
R-squared 0.249 0.245 0.237 0.139 0.215 0.119 0.238 0.171 0.221

Panel B: Richest wealth quintiles

RSC*HhH low-skill -0.037 -5.901** -0.069 -2.701* -0.059 -1.734 -0.037 -2.051*** -0.013
(0.023) (2.541) (0.044) (1.410) (0.053) (1.037) (0.024) (0.688) (0.028)

HhH low-skilled 0.022*** 1.585** 0.026* 0.822* 0.026 0.427 0.024*** 0.537** -0.030***
(0.006) (0.615) (0.014) (0.414) (0.017) (0.319) (0.005) (0.215) (0.007)

Constant 0.322*** -0.187 0.045 -0.422 -0.023 -0.339 0.322*** 1.079 -0.239%**
(0.056) (1.616) (0.032) (0.795) (0.034) (0.663) (0.054) (0.864) (0.026)
Observations 83,872 83,519 84,464 84,357 83,914 83,906 84,098 84,048 65,513
R-squared 0.276 0.229 0.225 0.107 0.180 0.089 0.255 0.181 0.204

Robust standard errors are reported in parentheses, clustered at the country level. *** p<0.01, ** p<0.05, * p<0.1
Notes: Dependent variables are dichotomous indicators as well as continuous variables (i.e. hours) for work supply in the last week. School attendance is a dichotomous variable

referred to the last year. The sample includes children aged 5-14 in 38 countries. The table reports linear probability model results. The Relative Skill Composition (RSC) index is
the log of the ratio of low-skilled to skilled labor in the migrant relative to the resident population. Other controls are as in Table 4.



Table 13 - Child labor response to female emigration shock (largest sample)

@ (2 ©)) 4) ®) ON (7 ©)) ©)
Any work Total hours Market work Hours in Family |_|f(;lrjr:isl;/n Chores Hours in School
of work market work  business . chores attendance
business
Panel A: Full sample
RSC_female*HhH low-skill -0.087*** -6.810** -0.075 -3.119 -0.084 -2.661 -0.078***  -2,233*** 0.005
(0.026) (3.180) (0.050) (2.183) (0.055) (1.830) (0.021) 0.777) (0.029)
HhH low-skilled 0.029*** 1.732%** 0.026** 0.743* 0.029** 0.480 0.029*** 0.700*** -0.029***
(0.007) (0.622) (0.011) (0.426) (0.012) (0.320) (0.006) (0.193) (0.008)
Constant 0.292*** -7.682***  -0.071***  -5466>***  -0.124***  -4.286*** 0.328*** 0.061 -0.176***
(0.046) (1.711) (0.023) (1.118) (0.026) (0.876) (0.046) (0.838) (0.031)
Observations 247,975 246,738 249,594 249,348 247,992 247,974 248,451 248,214 168,841
R-squared 0.258 0.245 0.239 0.132 0.216 0.113 0.241 0.177 0.219
Panel B: Female headed households
RSC_female*HhH low-skill -0.165*** -0.272 -0.110% 2.541 -0.037 1.848* -0.162*** -2.675 -0.004
(0.040) (2.387) (0.062) (1.577) (0.046) (1.043) (0.038) (1.852) (0.034)
HhH low-skilled 0.044*** 0.271 0.006 -0.327 -0.007 -0.338 0.051*** 0.609 -0.007
(0.011) (0.550) (0.017) (0.337) (0.012) (0.207) (0.012) (0.490) (0.010)
Constant 0.345*** -5.042** -0.053 -3.864*** -0.082** -2.163** 0.368*** -0.118 -0.082*
(0.047) (2.246) (0.032) (1.374) (0.034) (0.843) (0.048) (1.057) (0.041)
Observations 25,941 25,814 26,209 26,159 25,995 25,993 26,042 26,033 19,377
R-squared 0.246 0.220 0.212 0.113 0.188 0.098 0.224 0.167 0.200
Panel C: Male headed households
RSC_female*HhH low-skill -0.077*** -7.861** -0.068 -4.044 -0.088 -3.449 -0.069***  -2,135*** 0.001
(0.028) (3.549) (0.055) (2.486) (0.060) (2.134) (0.024) (0.765) (0.032)
HhH low-skilled 0.027*** 1.886*** 0.027** 0.864* 0.032** 0.573* 0.026*** 0.700*** -0.031***
(0.007) (0.659) (0.011) (0.442) (0.013) (0.338) (0.006) (0.203) (0.009)
Constant 0.297*** -7.019*** -0.061** -5.222%**  -0,110***  -4.146*** 0.335*** 0.401 -0.197***
(0.046) (1.571) (0.024) (1.047) (0.026) (0.822) (0.046) (0.827) (0.032)
Observations 222,013 220,903 223,364 223,168 221,976 221,960 222,388 222,160 149,448
R-squared 0.260 0.247 0.243 0.133 0.219 0.114 0.244 0.178 0.221

Robust standard errors are reported in parentheses, clustered at the country level. *** p<0.01, ** p<0.05, * p<0.1
Notes: Dependent variables are dichotomous indicators as well as continuous variables (i.e. hours) for work supply in the last week. School attendance is a dichotomous variable

referred to the last year. The sample includes children aged 5-14 in 38 countries. The table reports linear probability model results. The Relative Skill Composition (RSC) index is
the log of the ratio of low-skilled to skilled labor in the migrant relative to the resident population. Other controls are as in Table 4.



Table 14 - Child labor response to male emigration shock (largest sample)

@ 2 3 0N ®) QN (7 (©)) ©)
Total hours  Market Hours in Family Hour_s n Hours in School
Any work market . family Chores
of work work business . chores  attendance
work business
Panel A: Full sample
RSC_male*HhH low-skill -0.048***  -4,206** -0.052** -1.660 -0.063** -1.368 -0.048*** -1.570***  -0.005
(0.017) (1.679) (0.026) (1.110) (0.029) (0.867) (0.016) (0.539) (0.021)
HhH low-skilled 0.026***  1.600** 0.025** 0.633 0.029** 0.376 0.027***  0.692*** -0.027***
(0.006) (0.602) (0.010) (0.435) (0.0112) (0.325) (0.005) (0.179) (0.008)
Constant 0.292***  -7.703*** -0.071*** -5476*** -0.124*** -4294*** (.328*** 0.054 -0.176***
(0.046) (1.713) (0.023) (1.120) (0.026) (0.878) (0.046) (0.840) (0.031)
Observations 247,975 246,738 249,594 249,348 247,992 247,974 248,451 248,214 168,841
R-squared 0.258 0.245 0.239 0.132 0.216 0.113 0.241 0.177 0.219
Panel B: Female headed households
RSC_male*HhH low-skill -0.058** 0.447 -0.038 2.077*** 0.004 1.495%**  -0.069** -1.601 0.011
(0.028) (1.030) (0.044) (0.705) (0.028) (0.515) (0.031) (1.147) (0.037)
HhH low-skilled 0.030** 0.125 -0.003 -0.384 -0.014 -0.376*  0.040*** 0.535 -0.010
(0.0112) (0.519) (0.017) (0.304) (0.014) (0.199) (0.012) (0.411) (0.0112)
Constant 0.345***  -5,042** -0.054 -3.850***  -0.082**  -2,153**  0.367*** -0.130 -0.082*
(0.047) (2.249) (0.032) (1.377) (0.034) (0.844) (0.048) (1.061) (0.041)
Observations 25,941 25,814 26,209 26,159 25,995 25,993 26,042 26,033 19,377
R-squared 0.246 0.220 0.212 0.113 0.188 0.098 0.224 0.167 0.200
Panel C: Male headed households
RSC_male*HhH low-skill -0.049**  -5178**  -0.055* -2.375% -0.077**  -1.964*  -0.048*** -1.564** -0.010
(0.018) (1.963) (0.030) (1.265) (0.034) (1.017) (0.017) (0.629) (0.024)
HhH low-skilled 0.026***  1,792***  (0.028*** 0.764* 0.034*** 0.475 0.026***  0.703*** -0.029***
(0.006) (0.633) (0.010) (0.448) (0.0112) (0.341) (0.005) (0.197) (0.009)
Constant 0.297***  -7.060*** -0.062** -5.242*** -0.111*** -4,163*** (0.335*** 0.389 -0.197***
(0.046) (1.575) (0.024) (1.050) (0.025) (0.824) (0.046) (0.831) (0.032)
Observations 222,013 220,903 223,364 223,168 221,976 221,960 222,388 222,160 149,448
R-squared 0.260 0.247 0.243 0.133 0.219 0.114 0.244 0.178 0.221

Robust standard errors are reported in parentheses, clustered at the country level. *** p<0.01, ** p<0.05, * p<0.1

Notes: Dependent variables are dichotomous indicators as well as continuous variables (i.e. hours) for work supply in the last week. School attendance is a
dichotomous variable referred to the last year. The sample includes children aged 5-14 in 38 countries. The table reports linear probability model results. The
Relative Skill Composition (RSC) index is the log of the ratio of low-skilled to skilled labor in the migrant relative to the resident population. Other controls
are as in Table 4.



Table 15 - Migration outflows and child labor (Migration data from Docquier et al. 2010)

@ ) ©) ON (5) ON (7) @) 9)
Total hours  Market Hours in Family Hour_s n Hours in School
Any work market . family Chores
of work work business chores  attendance

work business

Mig. rate*HhH  -0.086*** -8.603**  -0.053  -3.496*  -0.081  -3.214% -0.086*** -3.262***  0.041

low-skill (0.025)  (3.458)  (0.050)  (1.728)  (0.056)  (1.587)  (0.026)  (1.108)  (0.026)

HhH low-skilled ~ 0.023***  0.689 0.012 0.188 0.013 0038  0.028%**  0.454**%  -0.018**
(0.006)  (0.596)  (0.009)  (0.407)  (0.011)  (0.335)  (0.005)  (0.177)  (0.008)

Age 0.045%** 2 ABG*** (. 034%**  1032%%%  0.031%**  0.774%%%  0.040%**  1.074%%*  0.040%**
(0.005)  (0.196)  (0.002)  (0.104)  (0.002)  (0.087)  (0.005)  (0.107)  (0.003)
Male -0.078%** 0565  0.036*** 1402%%% 0.035%%* 1.078%** -0.125%** -2.802%** 0.015**
(0.017)  (0402)  (0.010)  (0.347)  (0.012)  (0.339)  (0.024)  (0.445)  (0.007)
Ever in school 0.059%** -2.339%** 0000  -1.602%**  -0.003 -1.249%** 0.068***  -0.691*  0.618***
(0.011)  (0.784)  (0.010)  (0.397)  (0.009)  (0.383)  (0.010)  (0.370)  (0.017)
HhH male 0.010%  0.735%*  0011*  0.312%* 0.017*** 0295%*  0013**  0.262*  -0.000
(0.005)  (0.222)  (0.006)  (0.117)  (0.006)  (0.120)  (0.006)  (0.155)  (0.004)
Mother livesat ~ -0.011*** -0459%*  -0001  -0.137 0.006 0.069 -0.005  -0.451%*  0.029%**
home (0.004)  (0.260)  (0.006)  (0.162)  (0.005)  (0.121)  (0.004)  (0.178)  (0.006)
Father lives at -0.006 0.314 0.001 0.318* 0006  0.389* -0.009** -0.115  0.010*
home (0.004)  (0.423)  (0.007)  (0.181)  (0.006)  (0.159)  (0.004)  (0.200)  (0.005)
N. of siblings aged  -0.001 0.122 0.003* 0.081 0.003* 0.057 -0.001 0.021 0.003
5-15 (0.001)  (0.102)  (0.002)  (0.070)  (0.002)  (0.059)  (0.001)  (0.023)  (0.002)
N.of children<5  0.004**  0.163*  0.002* 0.030 0.000 -0.004  0.004**  0.145%** -0.007***
y.0. at home (0.001)  (0.094)  (0.001)  (0.051)  (0.001)  (0.057)  (0.002)  (0.049)  (0.003)
N. of female -0.010%** -0.346***  -0.001  -0.098  -0.002  -0.114* -0.008*** -0.255%**  0.000
adults at home (0.003)  (0.104)  (0.003)  (0.074)  (0.002)  (0.058)  (0.003)  (0.059)  (0.001)
Household size 0002  0.203**  0.002 0.099* 0002  0.111**  0.000 0.050 -0.001
(0.001)  (0.093)  (0.002)  (0.058)  (0.002)  (0.044)  (0.001)  (0.035)  (0.001)
Birth order -0.004  -0.676%** -0.008*** -0.291** -0.006** -0.210%*  -0.004  -0.317***  0.001
(0.004)  (0.210)  (0.003)  (0.113)  (0.003)  (0.092)  (0.003)  (0.081)  (0.004)
Urban area -0.052%%% B ATERR* 01247 D BEIRR*R -0 134%%% D B5EQRRK  0032%*%* -] ]75%**  (,035%F*
(0.007)  (0.675)  (0.015)  (0.434)  (0.017)  (0.407)  (0.005)  (0.136)  (0.007)
1st quantile 0.075%*%*%  6.431%**  (133%%*  3397%%*  (0.140%*%* 2.804%%* (. 045%** ] ABTRF*  -0.113%**
(0.011)  (0.659)  (0.017)  (0.483)  (0.019)  (0.395)  (0.010)  (0.285)  (0.014)
2nd quantile 0.053%*%*%  4.943%%%  0102%%*  2.610%** 0.109%** 2.048%%* (037%** 1.033*** -0,085%**
(0.009)  (0.787)  (0.018)  (0.508)  (0.020)  (0.432)  (0.011)  (0.263)  (0.015)
3rd quantile 0.045%**  3.977%%%  (.089%**  2.002%** 0.089%** 1486%** 0.031*** 0.868*** -0.056%**
(0.009)  (0.836)  (0.019)  (0.475)  (0.020)  (0.411)  (0.009)  (0.243)  (0.010)
4th quantile 0.022%**%  2.432%%%  0.048%** 1216%** 0.053***  0.897**  0.017**  0.562** -0.036***
(0.008)  (0.720)  (0.014)  (0.415)  (0.015)  (0.369)  (0.007)  (0.250)  (0.006)
Constant 0.204%** 775 0062%%* -5012%%* _0112%%* -3.911%** (0.325%** 0297  -0.193***

(0.045)  (1.641)  (0.022)  (1.097)  (0.026)  (0.868)  (0.045)  (0.806)  (0.031)

Observations 247,975 246,738 249,594 249,348 247,992 247,974 248,451 248,214 168,841
R-squared 0.258 0.244 0.239 0.131 0.215 0.113 0.241 0.177 0.218

Robust standard errors are reported in parentheses, clustered at the country level. *** p<0.01, ** p<0.05, * p<0.1
Notes: Dependent variables are dichotomous indicators as well as continuous variables (i.e. hours) for work supply in the last week. School

attendance is a dichotomous variable referred to the last year. The sample includes children aged 5-14 in 38 countries. The table reports linear
probability model results. Reference categories for reported dummy variables are “higher education (i.e. more than primary)’, ‘female’, ‘female
household's head', ‘rural area’. Other controls include dummies for missing information on household head's education, wealth index, rural/urban
area and country fixed effects.



Table 16 - Net migration flows and child labor (largest sample)

@ 2 3 ON ®) ON O 8 ©)
Total hours  Market Hours in Family Hour_s n Hours in School
Any work market . family Chores
of work work business . chores  attendance
work business
Net Mig -0.115** -8.008 -0.101 -2.857 -0.111 -1.939 -0.127**  -3.755**  0.106**

flow*HhH low  (0.053)  (4.826)  (0.088)  (2.844)  (0.103)  (2.301)  (0.052)  (1.805)  (0.048)
HhH low-skilled 0.020%**  0.986*  0.018** 0384  0.020**  0.161  0.021*** 0.478%** -0,031***
(0.006)  (0.507)  (0.009)  (0.351)  (0.009)  (0.284)  (0.004)  (0.156)  (0.007)

Age 0.045%**  2.434%%%  (033%%*  1020%** 0.030%** 0.764%%% 0.040%** 1.067***  0.040%**
(0.005)  (0.195)  (0.002)  (0.104)  (0.002)  (0.087)  (0.005)  (0.106)  (0.003)
Male -0.078%** 0581  0.035%%* 1304%%x (035%%* 1072%%% -0.125%%* -2807*** 0.016**

(0.017)  (0.405)  (0.010)  (0.348)  (0.012)  (0.339)  (0.024)  (0.446)  (0.007)
Everinschool — 0.060%** -2.007**  0.003  -1435%** 0001  -1.112%%* 0067*** -0.605%  0.614%**
(0.010)  (0.747)  (0.009)  (0.385)  (0.008)  (0.365)  (0.010)  (0.355)  (0.018)

HhH male 0.010%  0.981%**  0.014%%  0.434*** 0021*** 0396***  0012*  0.327**  -0.006
(0.005)  (0.245)  (0.006)  (0.125)  (0.007)  (0.129)  (0.006)  (0.158)  (0.004)
Mother lives ath -0.011***  -0425  -0.000  -0.119 0.007 0.084 -0.005  -0.441%%  0.028%**

(0.004)  (0.263)  (0.006)  (0.162)  (0.005)  (0.122)  (0.004)  (0.179)  (0.006)
Father livesathc  -0.006 0.271 0.001 0.296 0005  0371** -0.009**  -0.126  0.010**

(0.004)  (0.420)  (0.007)  (0.178)  (0.006)  (0.156)  (0.004)  (0.200)  (0.005)
N. of siblings -0.001 0.151 0.003* 0096  0.003**  0.069 -0.001 0.029 0.003
aged 5-15 (0.001)  (0.095)  (0.002)  (0.066)  (0.002)  (0.056)  (0.001)  (0.025)  (0.002)
N.of children  0.004**  0.199**  0.002* 0.047 0.001 0011  0.004**  0.154%%* -0,008***
<5y.o0.athome (0.001)  (0.094)  (0.001)  (0.050)  (0.001)  (0.057)  (0.002)  (0.048)  (0.003)
N.of female  -0.010%** -0.311*** 0001  -0.081  -0.001  -0.100% -0.008*** -0.246***  -0.000
adultsathome ~ (0.002)  (0.100)  (0.003)  (0.070)  (0.002)  (0.056)  (0.003)  (0.059)  (0.001)
Household size  0.002 0.175* 0.002 0.085 0002  0.099**  0.000 0.043 0.000

(0.001)  (0.091)  (0.002)  (0.056)  (0.002)  (0.043)  (0.001)  (0.035)  (0.001)

Birth order -0.004  -0.681*** -0.008*** -0.294**  -0.006** -0.212** -0.004  -0.319*** 0.001
(0.004) (0.207) (0.003) (0.111) (0.003) (0.091) (0.003) (0.081) (0.004)

Urban area -0.051*%** -5355%** _0,123*** -2 591*** -(0,132*** -2513*%** _0,032*** -1.144*** (.032***
(0.006) (0.665) (0.015) (0.432) (0.017) (0.404) (0.005) (0.137) (0.007)

Wealth index

1st quantile 0.074***  5990***  (0.129***  3.174*** (0.134***  2.621*** 0.046*** 1.373*** -0.103***

(0.011)  (0.617)  (0.016)  (0.465)  (0.018)  (0.385)  (0.010)  (0.290)  (0.013)
2nd quantile 0.053%**  4.502%**  0.000%** 2432%%%  (.104*** 1.003%**  0.038%**  0.042%**  -0.077***
(0.009)  (0.780)  (0.018)  (0.509)  (0.019)  (0.437)  (0.011)  (0.266)  (0.014)

3rd quantile 0.045%**  3.705%*%*  0.086%** 1.863%** 0.085*** 1.374%** (.032%** (0.799%** -0,050%**
(0.009)  (0.830)  (0.019)  (0.475)  (0.020)  (0.413)  (0.009)  (0.242)  (0.009)
4th quantile 0.022%%%  2256%**  0.047***  1127%%  0.050***  0.825**  0017**  0.516** -0.032***
(0.008)  (0.716)  (0.014)  (0.416)  (0.015)  (0.372)  (0.007)  (0.250)  (0.006)
Constant 0.202%%%  7.723%%* _QQ71%%* _5A83*F* _0125%%* 4200%k* (.327*%%* 0045  -0.176%**

(0.046)  (1.717)  (0.023)  (1.126)  (0.027)  (0.881)  (0.046)  (0.839)  (0.031)

Observations 247,975 246,738 249,594 249,348 247,992 247974 248,451 248,214 168,841
R-squared 0.258 0.244 0.239 0.132 0.216 0.113 0.241 0.177 0.219

Robust standard errors are reported in parentheses, clustered at the country level. *** p<0.01, ** p<0.05, * p<0.1

Notes: Dependent variables are dichotomous indicators as well as continuous variables (i.e. hours) for work supply in the last week. School
attendance is a dichotomous variable referred to the last year. The sample includes children aged 5-14 in 38 countries. The table reports linear
probability model results. Reference categories for reported dummy variables are “higher education (i.e. more than primary)’, 'female’, ‘female
household's head', ‘rural area’. Other controls include dummies for missing information on household head's education, wealth index,
rural/urban area and country fixed effects.



Table 17 - SKkill composition of net migration flows and child labor (largest sample)

@ (2 3 ON ®) ON (7 ©)) ©) ©)
Total hours  Market Hours in Family HOM? n Hours in School
Any work of work work market business family Chores chores  attendance
work business SCHlastY
Net mig flow low -0.192**  -14.043* -0.168 -4.129 -0.188 -2.994  -0.208** -6.861** 0.136
skilled*HhH low sk (0.082) (8.233) (0.142) (4.799) (0.170) (4.083) (0.081) (3.267) (0.108)
HhH low-skilled 0.019*** 0.980* 0.018** 0.372 0.020** 0.155  0.021*** 0.478*** -0.030***
(0.006) (0.501) (0.008) (0.348) (0.009) (0.281)  (0.004) (0.154) (0.007)
Age 0.045***  2.433***  (0.033*** 1.020*** 0.030*** 0.764*** 0.040*** 1.067***  0.040***
(0.005) (0.195) (0.002) (0.104) (0.002) (0.087)  (0.005) (0.106) (0.003)
Male -0.078*** -0.581 0.035***  1.394*** (0,035*** 1.072*** -0.125*** -2.807***  0.016**
(0.017) (0.405) (0.010) (0.348) (0.012) (0.339)  (0.024) (0.446) (0.007)
Ever in school 0.060***  -2.007** 0.003 -1.435%**  0.001  -1.112*** 0.067*** -0.605*  0.614***
(0.010) (0.747) (0.009) (0.385) (0.008) (0.365)  (0.010) (0.355) (0.018)
HhH male 0.010* 0.982***  0.014**  0.434*** 0.021*** 0.396*** 0.012* 0.328** -0.006
(0.005) (0.245) (0.006) (0.125) (0.007) (0.129)  (0.006) (0.158) (0.004)
Mother lives at -0.011*** -0.425 -0.000 -0.119 0.007 0.084 -0.005 -0.441**  0.028***
home (0.004) (0.263) (0.006) (0.162) (0.005) (0.122)  (0.004) (0.179) (0.006)
-0.006 0.271 0.001 0.296 0.005 0.371**  -0.009** -0.126 0.010**
Father lives at home  (0.004) (0.420) (0.007) (0.178) (0.006) (0.156)  (0.004) (0.200) (0.005)
N. of siblings aged 5-  -0.001 0.151 0.003* 0.096 0.003** 0.069 -0.001 0.029 0.003
15 (0.001) (0.095) (0.002) (0.066) (0.002) (0.056)  (0.001) (0.025) (0.002)
N. of children <5 0.004** 0.199** 0.002* 0.048 0.001 0.011 0.004**  0.154***  -0.008***
y.0. at home (0.001) (0.094) (0.001) (0.050) (0.001) (0.057)  (0.002) (0.048) (0.003)
N. of female adults ~ -0.010*** -0.311*** -0.001 -0.081 -0.001 -0.100* -0.008*** -0.246*** -0.000
at home (0.002) (0.100) (0.003) (0.070) (0.002) (0.055)  (0.003) (0.059) (0.001)
Household size 0.002 0.175* 0.002 0.085 0.002 0.099** 0.000 0.043 0.000
(0.001) (0.091) (0.002) (0.056) (0.002) (0.043)  (0.001) (0.035) (0.001)
Birth order -0.004 -0.681*** -0.008*** -0.294** -0.006** -0.212** -0.004 -0.319*** 0.001
(0.004) (0.207) (0.003) (0.111) (0.003) (0.091)  (0.003) (0.081) (0.004)
Urban area -0.051*** -5354*** .(0,122*** -2591*** -0,132*** -2513*** -0.032*** -1.143*** (.032***
(0.006) (0.665) (0.015) (0.432) (0.017) (0.404)  (0.005) (0.137) (0.007)
Wealth index
1st quantile 0.074***  5990***  (0.129*** 3,174*** (.134*** 2.621*** 0.046*** 1.373*** -0.103***
(0.011) (0.616) (0.016) (0.465) (0.018) (0.385)  (0.010) (0.290) (0.013)
2nd quantile 0.053***  4592*%**  (0.099*** 2432*** (.104*** 1.904*** 0.038*** (0.942*** -0.077***
(0.009) (0.780) (0.018) (0.509) (0.019) (0.437)  (0.011) (0.266) (0.014)
3rd quantile 0.045***  3,706***  0.086*** 1.864*** (0.085*** 1.375*** (0.032*** (.799*** -0.050***
(0.009) (0.830) (0.019) (0.475) (0.020) (0.413)  (0.009) (0.242) (0.009)
4th quantile 0.022***  2.257***  0.047***  1.127** 0.050*** 0.826** 0.017**  0.516** -0.032***
(0.008) (0.716) (0.014) (0.417) (0.015) (0.372)  (0.007) (0.250) (0.006)
Constant 0.292***  .7.723*** -0.071*** -5481*** -0.125*** -4,298*** (.327*** 0.044 -0.176***
(0.046) (1.718) (0.023) (1.126) (0.027) (0.881)  (0.046) (0.839) (0.031)
Observations 247,975 246,738 249,594 249,348 247,992 247,974 248,451 248,214 168,841
R-squared 0.258 0.244 0.239 0.132 0.216 0.113 0.241 0.177 0.219

Robust standard errors are reported in parentheses, clustered at the country level. *** p<0.01, ** p<0.05, * p<0.1
Notes: Dependent variables are dichotomous indicators as well as continuous variables (i.e. hours) for work supply in the last week. School

attendance is a dichotomous variable referred to the last year. The sample includes children aged 5-14 in 38 countries. The table reports linear
probability model results. Reference categories for reported dummy variables are “higher education (i.e. more than primary)’, 'female’, ‘female
household's head', ‘rural area’. Other controls include dummies for missing information on household head's education, wealth index, rural/urban

area and country fixed effects.



Table 18 - Migration-flow relative skill composition (RSC) and child labor (largest sample)

@ ) 3 ON ®) ON (7 ) ©)
Total hours  Market Hours in Family HOM? n Hours in School
Any work market . family Chores
of work work business . chores  attendance
work business
RSC_flow * HhH -0.054**  -3.969* -0.040 -1.404 -0.052 -1.097  -0.053*** -1567** -0.009
low skill (0.022) (2.330) (0.033) (1.519) (0.037) (1.237) (0.019) (0.717) (0.022)
HhH low-skilled 0.024***  1.346**  0.021** 0.511 0.024** 0.267 0.025***  0.608*** -0.027***
(0.006) (0.578) (0.010) (0.404) (0.011) (0.304) (0.005) (0.178) (0.007)
Age 0.045***  2.434*** (0.033*** 1.020*** 0.030*** 0.764*** 0.040*** 1.068*** 0.040***
(0.005) (0.195) (0.002) (0.104) (0.002) (0.087) (0.005) (0.106) (0.003)
Male -0.078***  -0.581 0.035***  1.394***  (,035*** 1.072*** -0.125*** -2.807*** 0.016**
(0.017) (0.405) (0.010) (0.347) (0.012) (0.339) (0.024) (0.446) (0.007)
Ever in school 0.060***  -2.007** 0.003 -1.435%** 0.001 -1.112*%**  0.067*** -0.605* 0.614***
(0.010) (0.747) (0.009) (0.384) (0.008) (0.365) (0.010) (0.355) (0.018)
HhH male 0.011**  1.001***  0.014**  0.441*** 0.021*** 0.402***  0.012* 0.335** -0.006
(0.005) (0.253) (0.006) (0.128) (0.007) (0.134) (0.006) (0.159) (0.004)
-0.011***  -0.419 -0.000 -0.117 0.007 0.085 -0.005 -0.438**  0.028***
Mother lives at home  (0.004) (0.262) (0.006) (0.162) (0.005) (0.121) (0.004) (0.178) (0.006)
-0.006 0.262 0.001 0.293 0.005 0.368**  -0.009** -0.130 0.010**
Father lives at home (0.004) (0.420) (0.007) (0.179) (0.006) (0.157) (0.004) (0.200) (0.005)
N. of siblings aged 5-  -0.001 0.151 0.003* 0.096 0.003** 0.070 -0.001 0.029 0.003
15 (0.001) (0.096) (0.002) (0.066) (0.002) (0.056) (0.001) (0.025) (0.002)
N. of children <5y.0.  0.004** 0.199** 0.002* 0.048 0.001 0.011 0.004**  0.155*** -0.008***
at home (0.001) (0.094) (0.001) (0.050) (0.001) (0.057) (0.002) (0.048) (0.003)
N. of female adults at -0.010*** -0.312***  -0.001 -0.082 -0.001 -0.100*  -0.008*** -0.247***  -0.000
home (0.002) (0.100) (0.003) (0.070) (0.002) (0.055) (0.003) (0.059) (0.001)
Household size 0.002 0.173* 0.002 0.084 0.002 0.099** 0.000 0.042 0.000
(0.001) (0.090) (0.002) (0.056) (0.002) (0.043) (0.001) (0.035) (0.001)
Birth order -0.004 -0.679*** -0.008*** -0.294**  -0.006** -0.212** -0.004 -0.318***  0.001
(0.004) (0.207) (0.003) (0.111) (0.003) (0.091) (0.003) (0.081) (0.004)
Urban area -0.051*** -5354*** _0,123*** -2591*** .0,132*** -2513*** -0.032*** -1.144*** (.032***
(0.006) (0.664) (0.015) (0.431) (0.017) (0.403) (0.005) (0.137) (0.007)
Wealth index
1st quantile 0.074***  5,985*** (,129%** 3,173*** (0.134*** 2.620*** 0.046*** 1.371*** -0.103***
(0.011) (0.617) (0.016) (0.464) (0.018) (0.384) (0.010) (0.290) (0.013)
2nd quantile 0.053***  4587*** (0.099*** 2.430*** 0.104*** 1.902*** 0.038*** (0.941*** -0.077***
(0.009) (0.778) (0.018) (0.508) (0.019) (0.436) (0.011) (0.266) (0.014)
3rd quantile 0.045***  3,702*** (0.086*** 1.862*** (0.085*** 1.373*** (0.032*** (.798*** -0.050***
(0.009) (0.832) (0.019) (0.476) (0.020) (0.413) (0.009) (0.242) (0.009)
4th quantile 0.022***  2.257***  0.047***  1.127**  0.050*** 0.826**  0.017** 0.518** -0.032***
(0.008) (0.717) (0.014) (0.418) (0.015) (0.373) (0.007) (0.250) (0.006)
Constant 0.292*%**  -7.714*%** -0.071*** -5479*** -0,124*** -4297*** (.327*** 0.050 -0.176***
(0.046) (1.716) (0.023) (1.124) (0.026) (0.881) (0.046) (0.839) (0.031)
Observations 247,975 246,738 249,594 249,348 247992 247,974 248,451 248,214 168,841
R-squared 0.258 0.245 0.239 0.132 0.216 0.113 0.241 0.177 0.219

Robust standard errors are reported in parentheses, clustered at the country level. *** p<0.01, ** p<0.05, * p<0.1
Notes: Dependent variables are dichotomous indicators as well as continuous variables (i.e. hours) for work supply in the last week. School
attendance is a dichotomous variable referred to the last year. The sample includes children aged 5-14 in 38 countries. The table reports linear
probability model results. The Relative Skill Composition (RSC) index is the ratio of the flow of low-skilled to skilled labor in the migrant relative
to the resident population. Reference categories for reported dummy variables are ‘higher education’, ‘female’, ‘female household's head', ‘rural
area’. Other controls include dummies for missing information on household head's education, wealth index, rural/urban area and country fixed

effects.



Table 19 - Lagged migration outflows and child labor (largest sample)

@ (2 3 ON ®) ON (7 ©) ©)
Total hours Market Hours in Family HOM? n Hours in School
Any work market . family Chores
of work work business . chores  attendance
ork business
Mig rate -0.126**  -6.352* -0.080 -3.018 -0.092 -2.146 -0.116** -2.374**  0.074**
lagged*HhH low sk (0.057) (3.234) (0.065) (2.092) (0.073) (1.641) (0.049) (0.879) (0.031)
HhH low-skilled 0.020*** 0.944* 0.017** 0.384 0.019** 0.163 0.020*** 0.446*** -0.030***
(0.006) (0.485) (0.008) (0.332) (0.009) (0.270) (0.004) (0.154) (0.006)
Age 0.045***  2.433*** (0.033*** 1.020*** 0.030*** 0.764*** 0.040*** 1.067*** 0.040***
(0.005) (0.195) (0.002) (0.104) (0.002) (0.087) (0.005) (0.106) (0.003)
Male -0.078***  -0.581 0.035***  1.394***  (0.035***  1.072*** -0.125*** -2.807*** 0.016**
(0.017) (0.405) (0.010) (0.347) (0.012) (0.339) (0.024) (0.446) (0.007)
Ever in school 0.060***  -2.006** 0.003 -1.434%** 0.001 -1.112***  0.067*** -0.605* 0.614***
(0.010) (0.746) (0.009) (0.385) (0.008) (0.365) (0.010) (0.355) (0.018)
HhH male 0.010* 0.979***  0.014**  0.434*** 0.021*** 0.396***  0.012* 0.326** -0.006
(0.005) (0.245) (0.006) (0.125) (0.007) (0.130) (0.006) (0.158) (0.004)
-0.011***  -0.425 -0.000 -0.120 0.007 0.084 -0.005  -0.441** 0.028***
Mother lives at home  (0.004) (0.263) (0.006) (0.162) (0.005) (0.122) (0.004) (0.179) (0.006)
-0.006 0.272 0.001 0.297 0.005 0.371**  -0.009**  -0.125 0.010**
Father lives at home (0.004) (0.420) (0.007) (0.178) (0.006) (0.156) (0.004) (0.200) (0.005)
N. of siblings aged 5-  -0.001 0.151 0.003* 0.096 0.003** 0.069 -0.001 0.029 0.003
15 (0.001) (0.095) (0.002) (0.066) (0.002) (0.056) (0.001) (0.025) (0.002)
N. of children <5y.0.  0.004** 0.199** 0.002* 0.047 0.001 0.010 0.004**  0.154*** -0.008***
at home (0.001) (0.094) (0.001) (0.050) (0.001) (0.057) (0.002) (0.048) (0.003)
N. of female adults at -0.010*** -0.310***  -0.001 -0.081 -0.001 -0.100* -0.008*** -0.246***  -0.000
home (0.002) (0.100) (0.003) (0.070) (0.002) (0.056) (0.003) (0.059) (0.001)
Household size 0.002 0.175* 0.002 0.085 0.002 0.099** 0.000 0.043 0.000
(0.001) (0.091) (0.002) (0.056) (0.002) (0.043) (0.001) (0.035) (0.001)
Birth order -0.004 -0.681*** -0.008*** -0.294**  -0.006** -0.212**  -0.004 -0.319***  0.001
(0.004) (0.207) (0.003) (0.1112) (0.003) (0.091) (0.003) (0.081) (0.004)
Urban area -0.052*** -5358*** .0 123*** -2592*%** .(0132*%** -2514*** -0,032*** -1.145*** (.032***
(0.006) (0.665) (0.015) (0.433) (0.017) (0.404) (0.005) (0.137) (0.007)
Wealth index
1st quantile 0.074***  5987*** (0.129*** 3.173*** (0.134***  2.621*** 0.046*** 1.372*** -0.103***
(0.011) (0.616) (0.016) (0.464) (0.018) (0.384) (0.010) (0.290) (0.013)
2nd quantile 0.053***  4591*** (0.099*** 2.431*** 0.104*** 1.903*** 0.038*** (.942*** -0.077***
(0.009) (0.780) (0.018) (0.509) (0.019) (0.437) (0.011) (0.266) (0.014)
3rd quantile 0.045***  3,705*** (0.086*** 1.862*** 0.085*** 1.373*** (0.032*** (.799*** -0.050***
(0.009) (0.830) (0.019) (0.475) (0.020) (0.413) (0.009) (0.242) (0.009)
4th quantile 0.022%**  2255%**  (047***  1.125**  0.050***  0.824**  0.017** 0.516** -0.032***
(0.008) (0.716) (0.014) (0.416) (0.015) (0.372) (0.007) (0.250) (0.006)
Constant 0.292%**  _7.719*%** -0.071*** -5483*** -0,125*** -4.300*** (0.327***  0.048 -0.176***
(0.046) (1.716) (0.023) (1.124) (0.027) (0.880) (0.046) (0.839) (0.031)
Observations 247,975 246,738 249,594 249,348 247,992 247974 248,451 248,214 168,841
R-squared 0.258 0.244 0.239 0.132 0.216 0.113 0.241 0.177 0.219

Robust standard errors are reported in parentheses, clustered at the country level. *** p<0.01, ** p<0.05, * p<0.1
Notes: Dependent variables are dichotomous indicators as well as continuous variables (i.e. hours) for work supply in the last week. School
attendance is a dichotomous variable referred to the last year. The sample includes children aged 5-14 in 38 countries. The table reports linear
probability model results. Reference categories for reported dummy variables are “higher education (i.e. more than primary)’, 'female’, ‘female
household's head', ‘rural area’. Other controls include dummies for missing information on household head's education, wealth index, rural/urban
area and country fixed effects.



Table 20 - Skill composition of lagged migration outflows and child labor (largest sample)

@ 2) 3 4) ®) (6) (7 ) ©)
. . Hours in .
Anv work Total hours  Market Hours in Family famil Chores Hoursin  School
y of work work market work  business . y chores  attendance
business
Mig low skill -0.059* -6.407** -0.053 -1.363 -0.056 -2.038 -0.047* -3.832***  -0.054

laghHhH low sk~ (0.033)  (2.459)  (0.044) (1.480) (0.052)  (1.327)  (0.028) (0.904)  (0.037)
HhH low-skilled ~ 0.037*%*  3.007***  0.034**  0.790%  0.037**  0.817*% 0.034*** 1710%***  -0.010
(0.013)  (0.759)  (0.015) (0.408) (0.018)  (0.397)  (0.011) (0.365)  (0.013)

Age 0.045***  2.432*%**  (0.033***  1.020***  0.030***  0.764*** 0.040*** 1.067*** 0.040***
(0.005) (0.195) (0.002) (0.104) (0.002) (0.087) (0.005)  (0.106) (0.003)
Male -0.078*** -0.579 0.035***  1.394***  (0,035***  1.072*** -0.125*** -2.805*** (0.016**
(0.017) (0.405) (0.010) (0.348) (0.012) (0.339) (0.024)  (0.446) (0.007)
Ever in school 0.060***  -2.012** 0.003 -1.436%** 0.001 -1.114%**  0.067*** -0.608*  0.614***
(0.010) (0.743) (0.009) (0.384) (0.008) (0.364) (0.010)  (0.353) (0.018)
HhH male 0.010* 0.964***  0.014** 0.429***  0.021***  0.391***  (0.012* 0.318* -0.006
(0.005) (0.245) (0.006) (0.125) (0.007) (0.130) (0.006) (0.158) (0.004)
Mother lives at -0.011%** -0.429 -0.000 -0.120 0.007 0.082 -0.005 -0.443** (0.028***
home (0.004) (0.261) (0.006) (0.161) (0.005) (0.122) (0.004) (0.177) (0.006)
Father lives at -0.006 0.276 0.001 0.298 0.005 0.372**  -0.009** -0.123 0.010**
home (0.004) (0.419) (0.007) (0.178) (0.006) (0.157) (0.004)  (0.200) (0.005)
N. of siblings -0.001 0.151 0.003* 0.096 0.003** 0.069 -0.001 0.029 0.003
aged 5-15 (0.001) (0.095) (0.002) (0.066) (0.002) (0.056) (0.001) (0.025) (0.002)
N. of children <5 0.004** 0.197** 0.002* 0.047 0.001 0.010 0.004** (0.153*** -0.008***
y.0. at home (0.001) (0.094) (0.001) (0.050) (0.001) (0.057) (0.002)  (0.048) (0.003)
N. of female -0.010*** -0.310*** -0.001 -0.081 -0.001 -0.100*  -0.008*** -0.246***  -0.000
adults at home (0.002) (0.100) (0.003) (0.070) (0.002) (0.055) (0.003)  (0.059) (0.001)
Household size 0.002 0.175* 0.002 0.085 0.002 0.099** 0.000 0.043 0.000
(0.001) (0.090) (0.002) (0.056) (0.002) (0.043) (0.001) (0.035) (0.001)
Birth order -0.004 -0.684*** -0.008***  -0.295**  -0.006** -0.213**  -0.004 -0.320***  0.001
(0.004) (0.207) (0.003) (0.111) (0.003) (0.091) (0.003)  (0.081) (0.004)
Urban area -0.051*%** -5351*** -0,122*%** -25091*** .0,132*%** -2511*** -0.032*** -1.141*** (.032***
(0.006) (0.663) (0.015) (0.433) (0.017) (0.403) (0.005) (0.135) (0.007)
Wealth index
1st quantile 0.074***  5.987***  (.129***  3.174***  (0.134***  2.621*** 0.046*** 1.371*** -0.103***
(0.011) (0.619) (0.016) (0.465) (0.018) (0.385) (0.010)  (0.288) (0.013)
2nd quantile 0.053***  4587***  (0.099***  2.432***  (0,104***  1.902*** 0.038*** (0.939*** -0.078***
(0.009) (0.782) (0.018) (0.511) (0.020) (0.439) (0.011)  (0.265) (0.014)
3rd quantile 0.045***  3.702***  0.086***  1.863***  0.085***  1.373*** 0.032*** 0.796*** -0.050***
(0.009) (0.835) (0.019) (0.478) (0.020) (0.415) (0.009)  (0.242) (0.009)
4th quantile 0.022***  2.256***  0.047*** 1.128** 0.050***  0.825**  0.017** 0.516** -0.032***
(0.008) (0.719) (0.014) (0.419) (0.015) (0.373) (0.007)  (0.250) (0.006)
Constant 0.293***  -7.655*** -0.071*** -5465*** -0.124*** -4279*** (0.328*** (0.082 -0.176***
(0.046) (1.731) (0.023) (1.128) (0.027) (0.884) (0.046)  (0.840) (0.031)
Observations 247,975 246,738 249,594 249,348 247,992 247974 248,451 248,214 168,841
R-squared 0.258 0.245 0.239 0.132 0.216 0.113 0.241 0.177 0.219

Robust standard errors are reported in parentheses, clustered at the country level. *** p<0.01, ** p<0.05, * p<0.1

Notes: Dependent variables are dichotomous indicators as well as continuous variables (i.e. hours) for work supply in the last week. School
attendance is a dichotomous variable referred to the last year. The sample includes children aged 5-14 in 38 countries. The table reports linear
probability model results. Reference categories for reported dummy variables are “higher education (i.e. more than primary)’, 'female’, ‘female
household's head', ‘rural area’. Other controls include dummies for missing information on household head's education, wealth index, rural/urban
area and country fixed effects.



Table 21 - Lagged migration relative skill composition (RSC) and child labor (largest sample)

@ (2 ©)) ON ®) ON (7 ) ©)
Total hours  Market Hours in Family Hour_s n Hours in School
Any work market . family Chores
of work work business . chores  attendance
work business
RSC_lagged*HhH  -0.034* -3.140**  -0.038* -1.328* -0.042* -1.151*  -0.032**  -1.162** 0.000
low-skill (0.018) (1.280) (0.020) (0.748) (0.022) (0.574) (0.015) (0.447) (0.016)
HhH low-skilled 0.024***  1.423** 0.023** 0.581 0.026** 0.343 0.024***  0.624*** -0.028***
(0.007) (0.546) (0.009) (0.373) (0.010) (0.287) (0.005) (0.173) (0.008)
Age 0.045***  2.431*** (0.033*** 1.019*** 0.030*** 0.763*** 0.040*** 1.066***  0.040***
(0.005) (0.195) (0.002) (0.104) (0.002) (0.087) (0.005) (0.106) (0.003)
Male -0.078***  -0.579 0.035***  1.395*** (0.035*** 1.072*** -0.125*** -2.806*** 0.016**
(0.017) (0.405) (0.010) (0.347) (0.012) (0.339) (0.024) (0.446) (0.007)
Ever in school 0.060***  -2,005** 0.003 -1.434%** 0.001 -1.111***  0.067***  -0.605*  0.614***
(0.010) (0.746) (0.009) (0.384) (0.008) (0.365) (0.010) (0.355) (0.018)
HhH male 0.010* 0.925***  0.013**  0.411*** 0.020*** 0.377*** 0.011* 0.306* -0.006
(0.005) (0.243) (0.006) (0.124) (0.007) (0.129) (0.006) (0.158) (0.004)
Mother lives at -0.011***  -0.430 -0.000 -0.122 0.007 0.082 -0.005 -0.442**  0.028***
home (0.004) (0.263) (0.006) (0.161) (0.005) (0.122) (0.004) (0.178) (0.006)
Father lives at -0.006 0.288 0.001 0.303* 0.006 0.377**  -0.009** -0.120 0.010**
home (0.004) (0.419) (0.007) (0.177) (0.006) (0.156) (0.004) (0.200) (0.005)
N. of siblings aged  -0.001 0.152 0.003* 0.096 0.003** 0.070 -0.001 0.029 0.003
5-15 (0.001) (0.095) (0.002) (0.066) (0.002) (0.056) (0.001) (0.025) (0.002)
N. of children <5 0.004** 0.196** 0.002* 0.046 0.001 0.009 0.004**  0.1563*** -0.008***
y.0. at home (0.001) (0.094) (0.001) (0.050) (0.001) (0.057) (0.002) (0.048) (0.003)
N. of female -0.010*** -0.310***  -0.001 -0.081 -0.001 -0.100*  -0.008*** -0.246***  -0.000
adults at home (0.002) (0.100) (0.003) (0.070) (0.002) (0.055) (0.003) (0.059) (0.001)
Household size 0.002 0.178* 0.002 0.086 0.002 0.100** 0.000 0.044 0.000
(0.001) (0.091) (0.002) (0.056) (0.002) (0.043) (0.001) (0.035) (0.001)
Birth order -0.004 -0.688*** -0.008*** -0.297**  -0.006** -0.215** -0.004 -0.321*** 0.001
(0.004) (0.208) (0.003) (0.111) (0.003) (0.091) (0.003) (0.081) (0.004)
Urban area -0.052*** -5356*** -0,123*** -2502*** _0,132*** -2513*** -0,032*** -1.145*** (.032***
(0.006) (0.664) (0.015) (0.432) (0.017) (0.403) (0.005) (0.137) (0.007)
Wealth index
1st quantile 0.074***  5979***  (,129***  3.170*** (0.134*** 2.618*** 0.046*** 1.369*** -0.103***
(0.011) (0.617) (0.016) (0.463) (0.018) (0.384) (0.010) (0.290) (0.013)
2nd quantile 0.053***  4583*** (0,099*%** 2428*** (0.104*** 1.900*** 0.038***  0.940*** -0.077***
(0.009) (0.778) (0.018) (0.508) (0.019) (0.436) (0.011) (0.266) (0.014)
3rd quantile 0.045***  3.698*** 0.086*** 1.860*** (0.085*** 1.371*** 0.032*** 0.797*** -0.050***
(0.009) (0.831) (0.019) (0.475) (0.020) (0.413) (0.009) (0.242) (0.009)
4th quantile 0.022%**  2.248***  0.046***  1.123**  0.050***  0.822** 0.017** 0.514**  -0.032***
(0.008) (0.717) (0.014) (0.417) (0.015) (0.372) (0.007) (0.250) (0.006)
Constant 0.293***  -7.674*** -0.071*** -5463*** -0.124*** -4284*** (.328*** 0.065 -0.176***
(0.046) (1.710) (0.023) (1.117) (0.026) (0.876) (0.046) (0.839) (0.031)
Observations 247,975 246,738 249,594 249,348 247,992 247,974 248,451 248,214 168,841
R-squared 0.258 0.245 0.239 0.132 0.216 0.113 0.241 0.177 0.219

Robust standard errors are reported in parentheses, clustered at the country level. *** p<0.01, ** p<0.05, * p<0.1

Notes: Dependent variables are dichotomous indicators as well as continuous variables (i.e. hours) for work supply in the last week. School
attendance is a dichotomous variable referred to the last year. The sample includes children aged 5-14. The table report linear probability model
results. The Relative Skill Composition (RSC) index is the log of the ratio of low-skilled to skilled labor in the lagged migrant relative to the
resident population. Reference categories for reported dummy variables are ‘higher education’, ‘female’, ‘female household's head', ‘rural area’.
Other controls include dummies for missing information on household head's education, wealth index, rural/urban area and country fixed effects.



Table Al - Migration relative skill composition RSC" and child labor in skilled households

(1) 2 3 ON (5) ON (7 €)) )
Total hours  Market Hours in Family Hour_s n Hours in School
Any work market : family Chores
of work work business . chores  attendance
work business
RSC"™*HhH hi-skilled 0.006 -0.572 -0.010 -0.549* -0.015 -0.464* 0.001 0.100 0.005
(0.009) (0.470) (0.009) (0.289) (0.010) (0.240) (0.007) (0.192) (0.006)
HhH high-skilled -0.045* -0.042 -0.009 0.745 0.011 0.750 -0.027 -0.869 0.021
(0.026) (1.262) (0.022) (0.714) (0.022) (0.638) (0.018) (0.623) (0.026)
Constant 0.302***  -7,193*** -0.061** -5.250*** -0.114*** -4.175*** (.337*** 0.269 -0.195***

(0.046)  (1.656)  (0.023)  (1.066)  (0.025)  (0.866)  (0.046)  (0.836)  (0.032)

Observations 247,975 246,738 249,594 249,348 247,992 247,974 248,451 248,214 168,841
R-squared 0.258 0.244 0.239 0.132 0.216 0.113 0.241 0.177 0.218

Robust standard errors are reported in parentheses, clustered at the country level. *** p<0.01, ** p<0.05, * p<0.1

Notes: Dependent variables are dichotomous indicators as well as continuous variables (i.e. hours) for work supply in the last week. School attendance
is a dichotomous variable referred to the last year. The sample includes children aged 5-14. The table report linear probability model results. The
Relative Skill Composition (RSC") index is the log of the ratio of skilled (i.e. tertiary education) to unskilled labor in the migrant relative to the resident
population. Other controls are as in Table 4.



Table A2 - Migration relative skill composition (RSC") and child labor in unskilled households

1) (2) 3 4 ) (6) ) (8) )
. . Hours in .
Any work Total hours Market work Hours in Famlly family Chores Hours in School
of work market work  business . chores attendance
business
RSC"*HhH low-skill 0.006 0.707 0.006 0.266 0.007 0.199 0.007* 0.301** -0.000
(0.004) (0.464) (0.005) (0.259) (0.006) (0.199) (0.003) (0.141) (0.004)
HhH low-skilled -0.001 -1.405 -0.003 -0.512 -0.005 -0.504 -0.003 -0.547 -0.028**
(0.015) (1.523) (0.016) (0.819) (0.016) (0.688) (0.011) (0.492) (0.012)
Constant 0.292*** -7.694***  .0.071***  -5472***  -0.124***  -4.292*** 0.328*** 0.058 -0.176***
(0.046) (1.713) (0.023) (1.122) (0.026) (0.880) (0.045) (0.836) (0.031)
Observations 247,975 246,738 249,594 249,348 247,992 247,974 248,451 248,214 168,841
R-squared 0.258 0.245 0.239 0.132 0.216 0.113 0.241 0.177 0.219

Robust standard errors are reported in parentheses, clustered at the country level. ** p<0.01, ** p<0.05, * p<0.1

Notes: Dependent variables are dichotomous indicators as well as continuous variables (i.e. hours) for work supply in the last week. School attendance is
a dichotomous variable referred to the last year. The sample includes children aged 5-14. The table report linear probability model results. The Relative
Skill Composition (RSC") index is the log of the ratio of skilled (i.e. tertiary education) to unskilled labor in the migrant relative to the resident

population. Other controls are as in Table 4.



Table A3 - Migration relative skill composition RSC and child labor in skilled households

(1) 2 3 ON (5) ON (7 €)) )
Total hours  Market Hours in Family Hour_s n Hours in School
Any work market : family Chores
of work work business . chores  attendance
work business
RSC*HhH high-skilled 0.051 5.405** 0.090* 3.350** 0.109* 2.931** 0.052 0.663 -0.068**
(0.044) (2.586) (0.051) (1.588) (0.058) (1.242) (0.039) (1.347) (0.025)
HhH high-skilled -0.042**  -2.887*** -0.057*** -1532** -0.057** -1.203** -0.037** -0.769**  0.052***
(0.017) (0.994) (0.021) (0.656) (0.023) (0.532) (0.015) (0.291) (0.013)
Constant 0.302***  -7.165*** -0.061** -5.242*** -0.113*** -4.167*** (.338*** 0.280 -0.195***
(0.046) (1.656) (0.023) (1.066) (0.025) (0.866) (0.046) (0.837) (0.032)
Observations 247,975 246,738 249,594 249,348 247,992 247,974 248,451 248,214 168,841
R-squared 0.258 0.244 0.239 0.132 0.216 0.113 0.241 0.177 0.219

Robust standard errors are reported in parentheses, clustered at the country level. *** p<0.01, ** p<0.05, * p<0.1

Notes: Dependent variables are dichotomous indicators as well as continuous variables (i.e. hours) for work supply in the last week. School attendance is a
dichotomous variable referred to the last year. The sample includes children aged 5-14. The table report linear probability model results. The Relative
Skill Composition (RSC) index is the log of the ratio of low skilled to skilled labor in the migrant relative to the resident population. Other controls are as

in Table 4.



Table A4 - Child labor response to the WB-UN migration rate

@ 2) 3 ON ®) (6) ) €)) ©)
Total hours  Market Hours in Family HOM? n Hours in School
Any work market . family Chores
of work work business . chores  attendance
work business

WB_Mig. rate*HhH -0.057**  -4.820**  -0.044 -2.148 -0.055 -1.497  -0.056*** -1.929***  (0.054**

low-skill (0.021)  (2.230)  (0.041) (1.621) (0.048) (1.288)  (0.020)  (0.695)  (0.020)
HhH low-skilled 0.023***  1345%%  0021* 0560  0.024* 0285  0.024%%% (.610%** -0035%**
(0.007)  (0.588)  (0.010)  (0.430) (0.012) (0.339)  (0.005)  (0.179)  (0.008)
Age 0.045%**  2432%*% (033%%* 1 019%** 0.030%** 0.764%** 0.040%%* 1067***  0.040%**
(0.005)  (0.195)  (0.002)  (0.104)  (0.002)  (0.087)  (0.005)  (0.106)  (0.003)
Male -0.078%** 0581  0.035%** 1.394%%* (035%k* 1072%%% _0.125%%* -2.807***  (.016%*
(0.017)  (0.405)  (0.010)  (0.347)  (0.012)  (0.339)  (0.024)  (0.446)  (0.007)
Ever in school 0.060%**  -2.001**  0.003 -1.432%** 0.001 -L110%** 0067*** -0.603*  0.614%**
(0.010)  (0.748)  (0.009)  (0.385)  (0.008)  (0.365)  (0.010)  (0.355)  (0.018)
HhH male 0.010%  0.975%** 0.014%* 0.432%*%* 0021*** 0395%** 0012*  0.324**  -0.006

(0.005)  (0.245)  (0.006)  (0.125)  (0.007)  (0.130)  (0.006)  (0.157)  (0.004)
-0.011%** 0426  -0000  -0.120  0.007 0083  -0.005 -0.441**  0.028***
Mother lives athome ~ (0.004)  (0.263)  (0.006)  (0.162)  (0.005)  (0.122)  (0.004)  (0.179)  (0.006)
-0.006 0.272 0001 0297 0005  0371** -0.009%**  -0.125  0.010**
Father livesathome ~ (0.004)  (0.420)  (0.007)  (0.178)  (0.006)  (0.156)  (0.004)  (0.200)  (0.005)
N. of siblings aged 5-  -0.001 0452  0.003* 0096 0003** 0070  -0001  0.029 0.003

15 (0.001) (0.095) (0.002) (0.066) (0.002) (0.056) (0.001) (0.025) (0.002)
N. of children <5y.0.  0.004** 0.198** 0.002* 0.047 0.001 0.010 0.004**  0.154*** -0.008***
at home (0.001) (0.094) (0.001) (0.050) (0.001) (0.057) (0.002) (0.048) (0.003)
N. of female adults at  -0.010*** -0.311***  -0.001 -0.081 -0.001 -0.100*  -0.008*** -0.246***  -0.000
home (0.002) (0.100) (0.003) (0.070) (0.002) (0.055) (0.003) (0.059) (0.001)
Household size 0.002 0.176* 0.002 0.085 0.002 0.100** 0.000 0.043 0.000
(0.001) (0.090) (0.002) (0.056) (0.002) (0.043) (0.001) (0.035) (0.001)
Birth order -0.004  -0.683*** -0.008*** -0.295** -0.006** -0.213**  -0.004 -0.319*** 0.001
(0.004) (0.207) (0.003) (0.111) (0.003) (0.091) (0.003) (0.081) (0.004)
Urban area -0.052*%**  -5.358*** -(,123*%** -2592*** -0,132*%** -2513*** -0.032*%** -1.145*** (.032***
(0.006) (0.665) (0.015) (0.432) (0.017) (0.404) (0.005) (0.137) (0.007)
Wealth index
1st quantile 0.074***  5976*** (.129*** 3.168*** (0.133*** 2.617*** 0.046*** 1.367*** -0.103***
(0.011) (0.615) (0.016) (0.462) (0.018) (0.382) (0.010) (0.289) (0.013)
2nd quantile 0.053***  4.580*** (0.099*** 2.427*** (.104*** 1.899*** (.038*** 0.938*** -0.077***
(0.009) (0.778) (0.018) (0.507) (0.019) (0.435) (0.011) (0.266) (0.014)
3rd quantile 0.044***  3.694*** 0.086*** 1.858*** (.085*** 1.370*** 0.032*** 0.794*** -0.050***
(0.009) (0.828) (0.019) (0.473) (0.020) (0.411) (0.009) (0.242) (0.009)
4th quantile 0.022***  2.249*%** 0.047*** 1.123** 0.050*** 0.823** 0.017**  0.514** -0.032***
(0.008) (0.715) (0.014) (0.415) (0.015) (0.371) (0.007) (0.250) (0.006)
Constant 0.292*%**  .7.722%** _0,071*** -5.484*** -0.124*** -4300*** (0.327*** 0.047 -0.175%**
(0.046) (1.712) (0.023) (1.123) (0.027) (0.880) (0.046) (0.838) (0.031)
Observations 247,975 246,738 249,594 249,348 247,992 247,974 248,451 248,214 168,841
R-squared 0.258 0.244 0.239 0.132 0.216 0.113 0.241 0.177 0.219

Robust standard errors are reported in parentheses, clustered at the country level. *** p<0.01, ** p<0.05, * p<0.1

Notes: Dependent variables are dichotomous indicators as well as continuous variables (i.e. hours) for work supply in the last week. School
attendance is a dichotomous variable referred to the last year. The sample includes children aged 5-14 in 38 countries. The table reports linear
probability model results. Reference categories for reported dummy variables are “higher education (i.e. more than primary)’, ‘female’, ‘female
household's head', ‘rural area’. Other controls include dummies for missing information on household head's education, wealth index, rural/urban
area and country fixed effects.



